Supplementary Material
Method
This involves a preliminary dimension estimation on all subjects to determine the number of independent components (ICs), using the minimum description length (MDL) criterion 
 ADDIN EN.CITE 
[1-4]
. Then, fMRI datas of all subjects in each group were concatenated and the temporal dimension of the whole data set was reduced by means of principal component analysis (PCA), respectively, followed by an IC estimation using the FastICA algorithm 
 ADDIN EN.CITE 
[3-5]
. Two separate groups of spatial ICA were both conducted on the TIA and HC groups, with 46 and 34 ICs respectively, which ensured that the RSNs had similar spatial pattern in the two groups 1[]
. IC time-courses and spatial maps for each subject were reconstructed, using the aggregated components and the results from the data reduction step 
 ADDIN EN.CITE 
[1,3,6]
. For each IC, the time-course corresponds to the waveform of a specific pattern of coherent brain activity, and the intensity of this pattern of brain activity across the voxels was expressed in the associated spatial map 
 ADDIN EN.CITE 
[3,7]
. In order to display the voxels that contributed most strongly to a particular IC, the intensity values in each spatial map were converted to Z values, removing the average value and being divided by the standard deviation of the intensity distribution 
 ADDIN EN.CITE 
[6,7]
. Because ICA on fMRI data extracts patterns of coherent neuronal activity (i.e. networks), it is commonly accepted that Z values can indirectly provide a measure of functional connectivity within the network 
 ADDIN EN.CITE 
[3,4,8-10]
. 
An implement was in the GIFT software 6[]
, the components to be retained for further analysis among the 46/34 estimated ICs for two groups were selected based on the largest spatial correlation 
 ADDIN EN.CITE 
[11-13]
 with specific RSN templates from our previous studies 
 ADDIN EN.CITE 
[7,14]
, besides, these templates have also been used in another resting state fMRI study 
 ADDIN EN.CITE 
[3,4]
, in combination with the spatial correlation for the RSN selection criterion. The eight RSN templates from our previous studies 
 ADDIN EN.CITE 
[7,14]
 used in the current work were: dorsal attention network (DAN; central-executive network (CEN); default mode network (DMN); core network (CN); self-referential network (SRN); somato-motor network (SMN); visual network (VN) and auditory network (AN).
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