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Sensitivity Analysis
Because of the uncertainty surrounding our assumed parameters, we conducted a sensitivity analysis using Latin Hypercube Sampling (LHS) to evaluate the robustness of our results [1]. LHS, a type of stratified Monte Carlo sampling, efficiently analyzes large numbers of input parameters by treating each parameter as a separate random variable. A standard Monte Carlo simulation randomly selects each input parameter from within a probability distribution function. In LHS, each parameter distribution is stratified into equiprobable intervals and each interval is sampled exactly once, without replacement. An input vector is then generated, composed of the random samples of each of the input parameters for each simulation. The efficiency of LHS comes from each value of every parameter being used only once. The model may then be run N times to directly derive distribution functions for each of the outcome variables, and because of the probabilistic selection technique, the results can be interpreted within a statistical framework. Studies have shown that LHS is significantly more efficient than simple random and fractional stratified sampling designs [see 2], and is a commonly used method to evaluate models within the field of epidemiology [3-11]. 
Distributions of parameters were based on the number and range of observations describing the data. The effectiveness of an intervention in reducing the morbidity burden of VAD has numerous estimates across a range of values, so we assumed a uniform distribution across that range. Costs of fortification, both traditional and GM, were based on conservative and optimistic values, and so we again used a uniform distribution on the assumption that the costs were likely to be somewhere between the two values. The efficacy of VAD supplementation to reduce mortality has been contentious, as explained in the main text. As it had the most significant impact on the results no matter what distribution was assumed, we ran the sensitivity analysis for both the conservative estimate and the optimistic estimate and varied the other parameters at that efficacy level. Lastly, as we only had a single estimate for state specific prevalence of VAD morbidity, we assumed a triangular distribution which varied from 0 to twice the estimate to account for any sampling issues in the estimate.
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