RESEARCH ARTICLE

Results of a massive experiment on virtual
currency endowments and money demand
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Abstract
We use a 575,000-subject, 28-day experiment to investigate monetary policy in a virtual setting. The experiment tests the effect of virtual currency endowments on player retention and
virtual currency demand. An increase in endowments of a virtual currency should lower the
demand for the currency in the short run. However, in the long run, we would expect money
demand to rise in response to inflation in the virtual world. We test for this behavior in a virtual field experiment in the football management game Top11. 575,000 players were
selected at random and allocated to different “shards” or versions of the world. The shards
differed only in terms of the initial money endowment offered to new players. Money demand
was observed for 28 days as players used real money to purchase additional virtual currency. The results indicate that player money purchases were significantly higher in the
shards where higher endowments were given. This suggests that a positive change in the
money supply in a virtual context leads to inflation and increased money demand, and does
so much more quickly than in real-world economies. Differences between virtual and real
currency behavior will become more interesting as virtual currency becomes a bigger part of
the real economy.

Introduction
In recent years the research value of large-scale online environments has become more apparent. [1–3] Online communities can contain hundreds of thousands (if not millions) of users
for long periods of time. The owners of these communities design controlled experiments
(“A/B tests”) to test the commercial effects of different design decisions. The same protocol
can be used to investigate issues of academic and real-world interest. As virtual currencies
such as Bitcoin grow in importance, the behavior of monetary in these virtual systems will
become more significance. Policymakers will want to remain alert to the possibility that realworld intuitions about money may, in the virtual setting, be false. [4–6]
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In this paper we explore the common intuition (backed by monetary theory) that when
money supply increases, the price of money—the interest rate—must fall. This effect is an
important cog in the machine that connects monetary policy to economic stimulus. Increasing
money supply is believed to lower the cost of money, which makes borrowing and investing
easier. But what if an increase in money supply actually raised the cost of money? This would
be possible if, for example, an increase in money supply unleashed powerful inflationary
forces. In an inflating economy, demand for currency rises. Rising currency demand leads to a
rise in the cost of money, and it is possible that the demand increase is so large that the cost of
money is higher after the money supply increase than before it. Indeed, it is believed that sustained money supply increases will have such an effect in the “long run.” In a virtual money
environment, however, the “long run” may be quite short.
We use a controlled experiment in the football management game Top Eleven—Be a Football Manager to investigate this timing of the response of money demand to an endowment of
money. Top Eleven is a fairly simple monetary economy. Nordeus, one of Europe’s leading
game development studios, owns the game and is the only source of money. Money is provided to new players as an endowment. Players can later purchase more game money at a fixed
price in terms of real-world currency (with quantity discounts). This arrangement creates a
simple but interesting money market, where supply is flat and demand is downward sloping
with respect to an actual price instead of an interest rate.
Experiments can be conducted in this simple economy to explore different commercial,
academic, and policy issues. Nordeus conducts experiments primarily to determine the
response of virtual money purchases to design changes.

Online communities, big data, and scientific research
The opportunity to conduct large-scale experiments in games like Top Eleven has emerged as a
result of several converging trends. First is the availability of massive datasets of human behavior (“big data”). Big data is often defined as data generated in real-time that is less structured
and has a larger scale than static datasets of the past. Many believe that big data will transform
business, government and other aspects of the economy by improving the way we measure,
track and describe economic activity. [7] Massively Multiplayer Online Games (MMOGs) and
other forms of massively multi-user virtual environments allow the incorporation of big data
into economic analysis by investigation of customer behavior and the associated economic
modeling on a societal scale. Mostly due to a lack of access to large-scale datasets, previous
work on behavioral economics has been limited to building simulations. Lehdonvirta [8]
argues that, while agent-based computational simulations have been widely used by economists, modeling human behaviour is a hard challenge and the validity of results from such
studies remain limited. Consequently, there has been an increasing number of studies on the
analysis of economic behavior using large datasets in online games.
A second trend is the emergence of the free-to-play business model in the game industry,
which allows companies to rapidly perform experiments. Traditionally, games were treated as
any other product, being sold initially for a fixed, predetermined price, and then consumed for
some time period. The free to play model relies on a long term, service-like, relationship
between a game and a user. Free to play games offer full and free access to all the important
aspects of the game to any user willing to download and play. They generate revenue by “monetizing” the players, that is, inducing them to spend real money on virtual items that enhance
the player experience. Sometimes these virtual items have direct gameplay effects (more effective armor); sometimes they are purely cosmetic (better looking armor). Usually companies
use a two-currency model: real-world currency is used to buy an in-game virtual currency,
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which in turn is used to buy virtual items. Two aspects of this situation are appealing from a
scientific perspective. First, the fact that these games are downloaded free of charge means that
the potential user base is very big, orders of magnitude bigger than the user bases of traditionally sold games. This fact opens up possibilities for large experiments on these user bases. Second, the existence of economies with virtual currencies is possibly a fertile ground for some
general economic conclusions if solid theoretical analogies between virtual and real economies
can be established.
Third, as large-scale research in games has proceeded, it has indeed established strong parallels between economies in games and in the real world. After industry analysts first began
making comparisons between game economies and the real world [9], academics began studying the issue closely. Castronova [10] used market data from online auction sites to show that
consumers treat virtual currencies as having real-world economic value. Similarly, Yamaguchi
[11] and Nash & Schneyer [12] established parallels between valuation of virtual goods in
games and valuation of goods in the real world. Later, Castronova et. al. [5] used data from a
large virtual economy to show that macroeconomic behavior in virtual economies closely follows the predictions of standard models of macroeconomic theory. Lehdonvirta [13] showed
that consumers are influenced by the features and attributes of virtual items in the same way as
they are influenced by the features and attributes of real-world items. For example, while the
functions of virtual items affect perceived quality, so do its cosmetic features, in the same way
that automobile consumers are influenced both by the speed of a car as well as its looks.
In recent years this literature has expanded in scope. Drachen et. al. [14], document the
changes in the in-game economy and showing how players migrate into and out of the economy across the lifetime of a browser-based online game. Levitt et. al. [1] carry out a field experiment on quantity discounts in a game involving over 14 million consumers. The findings
support some aspects of received economic theory but also toss up some surprises, such as a
lack of response by purchases to large price discounts. An unstated assumption in their work,
published in the prestigious Proceedings of the National Academy of Sciences is that the economic behavior of game communities is of legitimate academic interest. This represents a considerable paradigm shift from the period 2000-2010, when economic behavior in online games
was not considered “real.”

Theoretical considerations
Our primary theoretical focus is on the question of whether endowments of money increase or
decrease the demand for money in a short time frame. Virtual environments provide a unique
testbed for monetary policy questions: While the underlying economic drives are the same in
real-world and virtual contexts, the structure of the money market is quite different.
Fig 1 shows the traditional money market graph from introductory macroeconomics.
Money demand is downward sloping with the interest rate, and money supply is fixed at a
given quantity. The intersection of money supply and demand yields the equilibrium interest
rate. An increase in money supply unambiguously reduces the interest rate.
This short run model assumes that money demand is stable. However, over time, an
increase in money supply may cause an increase in the price level. In this case, money demand
will rise. Fig 2 illustrates a case where the increase in money demand is so great that the interest
rate actually rises after an increase in money supply and the attendant inflationary effect on
money demand.
Fig 3 shows how these effects appear in virtual money markets, which are distinguished by
infinite rather than fixed money supply. In a virtual currency market, consumers satisfy their
demand for virtual money by purchasing it using real-world money. Money demand is
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Fig 1. Traditional money market.
https://doi.org/10.1371/journal.pone.0186407.g001

downward sloping in the price of money, which is fixed by the currency owner. In the virtual
context, policymakers have two ways to increase liquidity: Either by lowering the fixed price of
virtual money, or by giving virtual money away for free. The former would be modeled by a
downward shift in the supply line, leading to more virtual money purchases. The latter effect,
of giving money away, would appear as a leftward shift in money demand, as depicted in Fig 4.
Giving money away in this fashion unambiguously reduces consumer expenditures on virtual
currency. Reduced consumer expenditures imply lower real-money revenues for the game
owner. The possibility of lower real-world revenues makes owners of virtual currency skittish
about providing large endowments of their currency to new players.
In recent years, however, it has come to light that the currency-sales revenues of virtual currency owners can be increased by giving away substantial initial endowments of the currency.
Fig 5 shows how this must work: The virtual currency endowment must lead to a net increase
in money demand, which suggests a money demand function that increases non-

Fig 2. Money supply increase raises interest rates.
https://doi.org/10.1371/journal.pone.0186407.g002
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Fig 3. Virtual currency market.
https://doi.org/10.1371/journal.pone.0186407.g003

monotonically as the quantity of money is increased. We will now develop a simple model that
can explain this possibility.

A stylized model of virtual money demand
Demand for money in games and other virtual currency environments is driven by the desire
for the items can be purchased by virtual money. Money demand would also be driven by
player incomes and tastes, but these effect likely do not change substantially in the course of
the experiment. In terms of modeling, we take them as fixed.
Our virtual economy is made up of two main parts: The money demand side, which consists
of customers that purchase virtual tokens to engage in virtual player transactions; and the
money supply side, which consists of the profit-maximizing company. For simplicity, suppose

Fig 4. Virtual currency market with money endowment.
https://doi.org/10.1371/journal.pone.0186407.g004
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Fig 5. Virtual currency market with money endowment and increased money demand.
https://doi.org/10.1371/journal.pone.0186407.g005

the preferences of the customers can be aggregated by a representative player. The player enjoys
having more virtual tokens, since this makes him more competitive on the auction markets and
allows him to enjoy the game more. However, he dislikes spending actual money on these
tokens. These two ideas can be incorporated by using a standard utility function as follows:
UðC; LÞ ¼

Cs
s

ð1Þ

L

where C and L denote the virtual consumption and the actual money spent on the virtual tokens
respectively. σ is a parameter that governs the marginal utility of consumption: When σ < 1,
consumption is characterized by decreasing marginal utility, implying each additional unit of
consumption brings happiness at a decreasing rate.
Denote by ω the initial endowment that the company provides to the player at the beginning of the game. Accordingly, the player is able to make virtual transactions using this endowment, and the tokens he purchases himself. Assuming he spends all of the virtual money
available, his budget constraint is characterized by:
oþL¼C

ð2Þ

Hence the player wants to maximize U(C, L) subject to this budget constraint. Plugging (2)
into (1) yields the following maximization problem in actual money spent L for the player, for
a given level of endowment ω:
s

ðw þ LÞ
s

max UðLÞ ¼
L

L

ð3Þ

A straight-forward computation yields the corresponding first-order optimality condition
associated with this problem:
s 1

ðw þ LÞ

¼1

ð4Þ

The left-hand side of (4) is the marginal utility of L, while the right-hand side denotes the
marginal disutility. It is readily seen that a higher initial endowment ω unambigiously
decreases the marginal utility, while leaving the marginal disutility unchanged. Therefore, the
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ceteris paribus effect of higher ω, i.e. an increased quantity of money, is a lower level of player
expenditure. In fact, solving for L simply yields the equilibrium level of expenditure L as a
function of ω:
L ¼ 1

o

ð5Þ

Next we turn to the money supply side of the economy, characterized by the company’s
choice of endowment ω. Given its profit-maximizing nature, the company’s problem is summarized as:
max L ðoÞ

ð6Þ

o

In other words, the company simply picks ω at the level that yields the highest level of consumer expenditure in (5). Since the money demand is decreasing in money supply, the equilibrium strategy for the company trivially reduces to setting ω = 0, that is, to provide no
endowment at all.This corresponds to the case of infinitely elastic money supply of Fig 3.
In the above discussion, we assume the player strictly dislikes spending money on the game
at a constant rate. This is the main assumption that drives the result of no endowment as the
optimal decision of the company. It is, however, plausible that the player’s disutility is dependent on the endowment itself. This could be due to, for instance, anchoring the preferences on
the endowment provided. In such a case, a higher level of ω would lower the disutility associated with L. To incorporate this idea, we augment the player’s utility maximization problem as
follows:
max UðLÞ ¼
L

ðw þ LÞ
s

s

wa L

ð7Þ

where α determines the impact of the endowment on the player’s expenditure L. When α = 0,
Eq (7) reduces to the previous case. However, when α < 0, a higher initial endowment implies
lower disutility associated with spending money.
Another assumption that we implicitly used so far is that the in-game price of virtual items
remains constant as the money supply is varied. Some games, however, allow player markets
to determine the prices of items. Players bid against one another in auction markets. This is
the case in Top Eleven, where players, acting as managers, bid against one another to secure the
services of virtual footballers. As a result, the price of virtual goods (virtual footballers) is not
fixed by the company. In general, in an auction-based system, if the company increases the
supply of virtual money (by making it cheaper in terms of real-world money), it will cause the
price of virtual items to rise. In this experiment, the company increases the supply of money
not by lowering its price across the board, but by providing new players with an endowment of
virtual money for free. This will, in turn, decrease the value of each virtual token. When the
prices of the virtual tokens are kept fixed in terms of real money, this effectively makes the virtual tokens more expensive. To incorporate this inflationary effect into our model, we assume
−1 < α < 0, which implies the impact of the initial endowment on the player’s expenditure
becomes less effective with each additional unit of ω. The first-order optimality condition associated with this new utility function is now characterized by:
ðw þ LÞ

s 1

¼ wa

ð8Þ

In Eq (8), the initial endowment now affects both the marginal utility and disutility of
spending money on the game, which introduces a trade-off for the company. Solving (8) for L
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yields the optimal level of expenditure L :
L ¼ ws

a
1

w

ð9Þ

Now the company chooses the value of ω that maximizes L in Eq (9). Provided α 6¼ σ − 1,
the first-order optimality condition is given by:
s
a
wðs 1 1Þ ¼

1
a

ð10Þ

Finally, solving for ω yields the optimal level of endowment ω :

o ¼

1
1

s
a

a
s 1

ð11Þ

As long as α 6¼ σ − 1, and under the assumptions −1 < α < 0, 0 < σ < 1, Eq (11) shows that
the equilibrium level of endowment ω will be positive. Hence, in this setup, our experiment
could be seen as a test for the significance of the parameter α. While this stylized model shows
one plausible way in which a higher money supply might induce more player expenditure,
there are also several informal reasons why money endowments might increase money purchases, and indeed they do not exclude one another but might all be operating at the same
time.
First, the behavior is rooted in the situation of arbitrary coherence that was imposed in the
minds of new users of Top Eleven. When a new user joins the game, he probably has no reference point about what the appropriate value of certain microtransactions is. The reference
point for new users in Top Eleven was established with initial endowments of Tokens. When
you look at, let’s say, the price of an in-game virtual item that costs 69 Tokens, its value looks
differently whether you look it from the standpoint of the user with 40 or 120 Tokens on the
account. One thing about this part of our explanation remains uncertain and should be further
researched: Is there any spillover of reference points across games or do players carry their reference points from other games and virtual experiences?
This anchoring behavior would not explain the ongoing behavior of players who continued
to convert real money for virtual tokens. After all, after a few microtransactions a user with
larger initial endowment possibly remains without them; so why does he proceed with further
purchases at higher rate than players with lower initial endowment? One possibility is that this
might be the result of the consistency seeking [15], which in the long run turns out as an addictive behavior. According to the consistency seeking hypothesis, people have an internal preference for making choices that are consistent with their previous course of actions. We believe
this thesis especially holds in the conditions of reduced uncertainty in Top Eleven: as buying
and spending tokens can give you an advantage over players who spend less, the price of
strengthening the belief that spending is justified gradually drops lower.
Finally, a third mechanism possibly at work would be that the perpetuation of spending
behavior gradually develops into a “rational addiction”. [16] One of the prerequisites of the
rational addiction is that the past consumption experiences increase the desire for the following consumptions. The repetition of pleasant experiences turns the actual behavior to a habit.
More important in our case is that the rational addiction model pictures addictive behavior as
a rational medication for certain psychological states. Support for this idea comes from unpublished data from internal studies of the Nordeus player base. These data indicate that of the
“Big Five” personality traits (openness to experience, conscientiousness, extraversion, agreeableness, and neuroticism), neuroticism is the best predictor of buying and spending tokens.
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Experimental setting
In order to test for the possibility that an increase in the money supply might increase money
demand (and real-world revenues of game companies), We report on an experiment in the
game Top Eleven. The game is produced by Nordeus, one of Europe’s leading game development companies. It was released in 2010 and has been played by over 150 million players
worldwide. In Top Eleven, the players are managers of virtual football teams. As a result, Top
Eleven is a game about managing assets (in this case, virtual footballers) and thus has strategic
and economic thinking as its core gameplay. This makes it an interesting setting to observe
economic behavior. Much of the mastery in Top Eleven lies in intelligently managing and optimally spending virtual assets, of which there are five in total (Aside from tokens, there are four
more currencies—rests, used to rest players after matches or training sessions; morale boosters, used to raise morale; treatments, which recover players from injuries; and in-game money,
needed to sign player contracts.). We are particularly interested in Tokens, which are used to
bid on high quality virtual footballers, as well as purchase player recovery packs and vanity
items such as official jerseys and emblems of real clubs. Top Eleven offers six Token packages,
ranging from around 2$ to around 100$, as seen in Fig 6.
Nordeus regularly designs and releases new virtual footballers, and the virtual managers
(the players of Top Eleven) engage in competitive bidding to obtain them for their teams. Footballer auctions create demand for the virtual currency, which then drives managers to use realworld money to purchase it. Whenever a manager buys more of these Tokens, he “monetizes,”
which is to say, he provides the real-world revenue that Nordeus uses to provide the game.
This structure allows Nordeus to rapidly conduct experiments, simply by changing the computer code that runs the game. The experiments produce results at any time scale Nordeus
could wish; after a change, the company can observe user behavior five minutes later, or five
months, or five years. In addition, the size of Top Eleven’s user base allows for experiments on
a truly grand scale, with hundreds of thousands of subjects.

Fig 6. Token packages in Top Eleven.
https://doi.org/10.1371/journal.pone.0186407.g006
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Providers of free-to-play online games are primarily concerned with design decisions that
maximize revenue. In the present experiment, the design decision in question involves the size
of the currency endowment. The endowment is an amount of virtual currency given to each
new player upon registration. The question is, how does the endowment affect revenue (which
is to say, demand for the virtual currency)? In data terms, revenue is driven by two things. One
is participation—the more people participate in a service, generally speaking, the higher the
revenues. Participation in the game is measured by retention, the degree to which players
come back to the game after first joining it. However, revenues are modulated in significant
ways by expenditure decisions of the participants. Users must decide to convert, that is, to
make a real-money purchase; and then they must decide how much real money to spend. Veterans of product-as-service businesses such as online free-to-play games have developed intuitions about the relationship between initial endowments of virtual currency and conversion
and retention. Generally, endowments should increase retention up to a saturation point. Giving people more virtual money at the start should encourage them to remain, up to a point.
Intuition suggests, however, that endowments should decrease conversion—why would people
buy more if they are given more? This seems to create a dilemma in practical terms: Increasing
the endowment would seem likely to keep more players in the game, but cause them to spend
less. However, as we have argued above, there are formal and informal theoretical reasons why
an increase in endowment might not only increase retention but also conversion.
We translate these general concepts of retention and conversion into specific metrics as
follows.
• Day 1 Retention: The percentage of new users who log in to the game one day after their initial registration.
• Day 7 Retention: The percentage of new users who log in to the game on the seventh day
after their initial registration.
• Daily Conversion: The percentage of active users who make their first real-money purchase
on a given day.
• Conversion Magnitude: The average size of the conversions that occur on a given day.
Some examples will clarify what is meant by these quantities. Suppose a game has 100 players and on Day 0, 10 new players sign up. We track those new players and determine that, on
Day 1, 5 of them logged into the game at least once. This means that Day 1 Retention is 0.50.
On Day 7, only 3 of the ten new players logged in, making the Day 7 Retention 0.30. Note that
the players who logged in on Day 7 may be completely different from those who logged in on
Day 1. Moreover, these players may have been in and out of the game over the course of the
week, since these measurements do not keep track of continuous participation. Retention simply measures what fraction of new players appear in the game on a given later date.
Now suppose that, of our 10 new players, 2 of them make their first real-money purchase
on Day 1. In addition, 13 other players, who have already been in the game, also make their
very first purchase on Day 1. This means that 15 players have converted on Day 1, making the
daily conversion for that day 0.15. Finally, let the average real-money amount spent by these
15 players be 20$. In that case, the Conversion magnitude for Day 1 is 20$.
In terms of the endowment change, we provide data from a control case as well as two tests.
Top Eleven has been granting 40 Tokens at the beginning from late 2014 until the experiment
discussed in this paper took place. The A/B test was designed to have three groups. The first
one is the Control group, with default settings, where every player got 40 Tokens upon registration. For simplicity, this group will be referred to as Control 40 later in the text. The second
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and third groups were given 80 and 120 Tokens upon registration, and are referred to as Test
80 and Test 120. The test lasted for 28 days, which is exactly one Top Eleven season (this is
equivalent to one year season in real life football). Each group had the same number of registered users, and all the other conditions besides initial amount of currency were the same.
During the 28 days of testing, approximately 575,000 players were assigned to one of the three
groups (In this research protocol, no personally identifiable data are collected. As a result,
prior consent was not obtained. This protocol has been reviewed by the Internal Review Board
of Indiana University, and has received exempt status.).

Results and discussion
Table 1 summarizes the results of the experiment. Generally speaking, the increases in endowment raised retention and conversion relative to the 40-Token control group.
Focusing first on retention, D1 Retention was raised 4.5 percent by the 80-Token endowment and 5.3 percent by the D7 Retention was even higher, increasing by 6.9 percent for the
80-Token endowment and 7.7 percent for the 120-Token endowment. These are large and
substantively significant increases: Reichheld & Schefter [17] indicate that increasing retention
rates by only 5 percent increases profits by 25 to 95 percent on average, depending on the business sector. This implies the changes resulting from our experiment for both test 80 and test
120 groups are economically significant in terms of industry averages. More than anything
else, these results suggest that the 40-Token endowment was far less than optimal in terms of
retention. The data confirm the suspicion that virtual money endowments increase retention
up to some point of saturation; a 40-Token increase from 40 to 80 has a much larger effect
than a similar 40-Token increase from 80 to 120. This suggests that the optimal endowment in
terms of retention probably lies somewhere in the 80-120 Token range.
The data also suggest that the lower endowment was less than optimal in terms of conversion. Daily conversion percentages were 8 percent larger in the 80-Token condition, though
only 4.3 percent larger in the 120-Token condition. According to a recent report by the marketing research company Marketing Sherpa, the average conversion rate is 2 to 8 percent for ecommerce businesses. [18] This implies that our A/B tests had the impact of a successful marketing campaign in terms of conversion rates. However, the largest substantive effect in the
experiment is on conversion magnitudes. New players who made a first purchase in Top Eleven
during this experiment increased the size of that purchase by 14 percent in the 80-Token condition and 34.8 percent in the 120-Token condition. These conversion effects suggest that the
endowment increase had a very large positive impact on the demand for Tokens.
Table 2 compares effects under the different conditions in terms of statistical significance.
The findings in terms of retention indicate that the two experimental conditions are statistically significantly different from the control condition, but not from each other. The daily conversion effects are not statistically significant in any condition/control pairing. However, the
conversion magnitude is statistically significant in the comparison of the 120-Token condition
and the 40-Token control.
Table 1. Overall results of the experiment. All real values are normalized to Control 40 group.
Group

D1 Retention

D7 Retention

Daily Conversion

Control 40

100.0

100.0

100.0

Conversion Magnitude
100.0

Test 80

104.5

106.9

108.0

113.9

Test 120

105.3

107.7

104.3

134.8

https://doi.org/10.1371/journal.pone.0186407.t001
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Table 2. Results summarized by statistical significance.
Metric

Group A

Group B

Outcome

p-value

D1 Retention

Test 80

Control 40

greater by 4.5%

0.005

D1 Retention

Test 120

Control 40

greater by 5.3%

0.006

D1 Retention

Test 120

Test 80

greater by 0.7%

0.482

D7 Retention

Test 80

Control 40

greater by 6.9%

0.015

D7 Retention

Test 120

Control 40

greater by 7.7%

0.005

D7 Retention

Test 120

Test 80

greater by 0.7%

0.403

Daily Conversion

Test 80

Control 40

greater by 8.1%

0.054

Daily Conversion

Test 120

Control 40

greater by 4.0%

0.197

Daily Conversion

Test 120

Test 80

smaller by 3.8%

0.193

Conversion Magnitude

Test 80

Control 40

greater by 14.0%

0.057

Conversion Magnitude

Test 120

Control 40

greater by 34.8%

0.005

Conversion Magnitude

Test 120

Test 80

greater by 18.3%

0.059

https://doi.org/10.1371/journal.pone.0186407.t002

The practical significance of the retention findings can be seen by simulating how a game
company’s revenues would be affected by changes of this magnitude. We will take the Test 120
group as an example. Suppose that, after our experiment, Nordeus decided to give 120 Tokens
to new users when they start playing Top Eleven. Our results suggest that day-7 retention of
these players will increase by 7.7 percent.
The total revenues of a game is equal to the number of players times the average player’s
“lifetime value” or LTV. This is the present value of the future cash flows attributed to the customer during his/her entire relationship with the company. [19] In a simple, short-run context,
the LTV is the average daily spending of a player times the number of days played. Therefore,
increasing day-7 retention by 7.7 percent implies a 7.7 percent increase in average days played,
which implies a similar percentage increase in LTV.
Now imagine a small game with 100,000 players a month, where the LTV is $10. [20] A 7.7
percent increase in LTV yields $10.77 of revenue per player. This translates to $77,000 per
month, or $924,000 per year in increased revenue. These revenues accrue almost entirely as
profit, because the marginal cost of adding players in these systems is virtually zero. In sum,
our hypothetical company can earn almost $1 million in annual profit simply by giving new
players 120 Tokens rather than 40.

Conclusion
A massive online game experiment has provided statistically significant evidence that increasing the endowment of virtual currency increases participation in the game as well as purchases
of the virtual currency itself. The former effect is not necessarily surprising, as an increase in
purchasing power within a game makes the game more attractive to players. The second effect,
that an endowment of money could increase purchases of money, is more surprising. However, it can be understood as the result of a positive shift in money demand, caused by several
economic and psychological mechanisms. From this point, it is hard to precisely determine
which of the factors played a fundamental role in shaping the behavior we presented. It makes
much more sense to think of the behavior as an aggregated outcome of several interacting psychological mechanisms.
However, there are additional questions that remain unanswered and that deserve further
research. First, is there any spillover effect of the initial price anchors across various virtual
worlds or how previous experiences of price anchors determine the perception of new values
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in a new virtual world? How should previous experiences look like when you want to nudge
people towards seeking the consistency with their previous decisions? Are there any cognitive
barriers in people’s minds that might prevent them to spend as we might want to nudge them?
[21] What are further institutional and economic conditions that must be met if we want to
see people behaving the way we expect from them and in a way that we observed in our study.
These questions seek further clarifications.
Our experimental setup can be easily extended to research other issues. One issue, important from a business as well as academic point-of-view, is the impact of demographic heterogeneity across customers. It would be interesting to know how different players respond to
changes in virtual money endowment. This would shed more light on the optimal pricing
strategies that should be adopted revenues. Another promising point is the impact of changing
money supply on the transitional path of retention rates from the short-run to the long-run.
While our current results indicate that money supply has an impact on the retention rates
both in the short- and long-run across all three test groups, it could very well be the case that
the transitional paths exhibit different characteristics across all test groups. Finally, while we
are able conclude that the maximum retention potential saturates on the interval [80, 120], we
are not able to pinpoint the exact location of this optimal point. Therefore introducing new
test groups across this interval could lead to even more fruitful results in future research.
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Visualization: Nenad Živić, Igor Andjelković, Tolga Özden.
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Edward Castronova.

References
1.

Levitt SD, List JA, Neckermann S, Nelson D. Quantity discounts on a virtual good: The results of a massive pricing experiment at King Digital Entertainment. Proceedings of the National Academy of Sciences. 2016; 113(27):7323–7328. http://dx.doi.org/10.1073/pnas.1510501113

2.

Castronova E. On the research value of large games: Natural experiments in Norrath and Camelot.
Games and Culture. 2006; 1(2):163–186. http://dx.doi.org/10.1177/1555412006286686

3.

Bloomfield RJ, Cho YJ. Unregulated stock markets in Second Life. Southern Economic Journal. 2011;
78(1):6–29. http://dx.doi.org/10.4284/0038-4038-78.1.6

PLOS ONE | https://doi.org/10.1371/journal.pone.0186407 October 18, 2017

13 / 14

Massive virtual money experiment

4.

Castronova E. Wildcat currency: How the virtual money revolution is transforming the economy. Yale
University Press; 2014.

5.

Castronova E, Williams D, Shen C, Ratan R, Xiong L, Huang Y, et al. As real as real? Macroeconomic
behavior in a large-scale virtual world. New Media & Society. 2009; 11(5):685–707. http://dx.doi.org/10.
1177/1461444809105346

6.

Brito J, Castillo A. Bitcoin: A primer for policymakers. Mercatus Center at George Mason University;
2013.

7.

Einav L, Levin J. The data revolution and economic analysis. Innovation Policy and the Economy. 2014;
14(1):1–24. http://dx.doi.org/10.1086/674019

8.

Lehdonvirta V. Virtual economics: applying economics to the study of game worlds. Proceedings of the
2005 Conference on Future Play (Future Play 2005); 2005 Oct 13-15; Lansing, MI.

9.

Simpson ZB. The in-game economics of Ultima Online. In: Computer Game Developer’s Conference;
Mar 2000; San Jose, CA.

10.

Castronova E. Virtual worlds: A first-hand account of market and society on the cyberian frontier. CESifo
Working Paper Series No. 618. 2001. Available from: https://ssrn.com/abstract=294828

11.

Yamaguchi H. An analysis of virtual currencies in online games. 2004. Available from: https://ssrn.com/
abstract=544422. http://dx.doi.org/10.2139/ssrn.544422

12.

Nash J, Schneyer E. Virtual economies: An in-depth look at the virtual world of Final Fantasy XI: Online;
2004. Unpublished Manuscript. Available from: http://lgst.wharton.upenn.edu/hunterd/
VirtualEconomies.pdf. Cited 7 September 2017.

13.

Lehdonvirta V. Virtual item sales as a revenue model: identifying attributes that drive purchase
decisions. Electronic commerce research. 2009; 9(1):97–113. http://dx.doi.org/10.1007/s10660-0099028-2

14.

Drachen A, Riley J, Baskin S, Klabjan D. Going out of business: auction house behavior in the massively
multi-player online game glitch. Entertainment Computing. 2014; 5(4):219–232. http://dx.doi.org/10.
1016/j.entcom.2014.09.001

15.

Falk A, Zimmermann F. Preferences for consistency. CEPR Discussion Paper No. DP8519. 2011.
Available from: https://ssrn.com/abstract=1928435

16.

Becker GS, Grossman M, Murphy KM. Rational addiction and the effect of price on consumption. The
American Economic Review. 1991; 81(2):237–241.

17.

Reichheld FF, Schefter P. E-loyalty: your secret weapon on the web. Harvard business review. 2000;
78(4):105–113. Available from: https://hbr.org/2000/07/e-loyalty-your-secret-weapon-on-the-web.

18.

The MarketingSherpa E-commerce Benchmark Study. 2014 [Cited 7 September 2017].In: MarketingSherpa [Internet]. Available from: http://www.marketingsherpa.com/offers/2014-ecommercemarketing/

19.

Pfeifer PE, Haskins ME, Conroy RM. Customer lifetime value, customer profitability, and the treatment
of acquisition spending. Journal of managerial issues. 2005; 17(1):11–25.

20.

Nizin Y. 33 Mobile Game Benchmarks and Rules of Thumb. 2016 Aug 14 [Cited 7 September 2017]. In:
SOOMLA [Internet]. Available from: http://blog.soom.la/2016/08/33-benchmarks-in-mobile-gamesbusiness.html

21.

Mullainathan S, Shafir E. Decision making and policy in contexts of poverty. The Behavioral foundations
of public policy. 2013; p. 281–300.

PLOS ONE | https://doi.org/10.1371/journal.pone.0186407 October 18, 2017

14 / 14

