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Abstract

Type 2 diabetes (T2D) is a complex metabolic disease that is more prevalent in ethnic
groups such as Mexican Americans, and is strongly associated with the risk factors obesity
and insulin resistance. The goal of this study was to perform whole genome gene expres-
sion profiling in adipose tissue to detect common patterns of gene regulation associated
with obesity and insulin resistance. We used phenotypic and genotypic data from 308 Mexi-
can American participants from the Veterans Administration Genetic Epidemiology Study
(VAGES). Basal fasting RNA was extracted from adipose tissue biopsies from a subset of
75 unrelated individuals, and gene expression data generated on the lllumina BeadArray
platform. The number of gene probes with significant expression above baseline was ap-
proximately 31,000. We performed multiple regression analysis of all probes with 15 meta-
bolic traits. Adipose tissue had 3,012 genes significantly associated with the traits of
interest (false discovery rate, FDR < 0.05). The significance of gene expression changes
was used to select 52 genes with significant (FDR < 10) gene expression changes across
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multiple traits. Gene sets/Pathways analysis identified one gene, alcohol dehydrogenase
1B (ADH1B) that was significantly enriched (P < 10°°) as a prime candidate for involve-
ment in multiple relevant metabolic pathways. lllumina BeadChip derived ADH1B expres-
sion data was consistent with quantitative real time PCR data. We observed significant
inverse correlations with waist circumference (2.8 x 10°), BMI (5.4 x 10°®), and fasting plas-
ma insulin (P < 0.001). These findings are consistent with a central role for ADH7B in obesi-
ty and insulin resistance and provide evidence for a novel genetic regulatory mechanism for
human metabolic diseases related to these traits.

Introduction

The global twin pandemics of obesity and type 2 diabetes (T2D) represent a major social, eco-
nomic, medical, and research challenge through the current century. Approximately 26 million
people in the United States (US) are estimated to have diabetes, and about 48 million people
are projected to have diabetes by the year 2050 if current demographic trends persist [1]. In
2010, 79 million US adults 20 years or older were estimated to have prediabetes (26% of the
population) [1] and 36% of US adults were obese [2]. The prevalence rates of T2D and obesity
are particularly high in US ethnic minorities such as the Mexican American population [2].
T2D is a complex metabolic disease, characterized by insulin resistance (IR) and impaired B-
cell function [3-5]. In its early “pre-diabetes” stage, elevated glucose levels co-occur with ele-
vated insulin due to defective insulin responses in insulin target tissues, notably skeletal muscle,
liver and fat, and by defects in insulin secretion from pancreatic B-cells [4, 5]. We previously
showed that Mexican Americans have a high genetic predisposition for IR, T2D and related
conditions [6, 7]. We also have shown that compensatory hyperinsulinemia is an early meta-
bolic change that precedes the onset of hyperglycemia and overt T2D, and represents a physio-
logical response offsetting IR. This compensatory hyperinsulinemia manifests as an increase in
fasting plasma insulin (FPI) in normoglycemic subjects with a positive family history of T2D
[8, 9]. In typical T2D, individuals pass through a pre-diabetes “gate”, characterized by IR, in-
creased FPI, and elevated glucose, prior to the development of overt T2D, which is eventually
accompanied by a progressive decline in insulin secretion following Starling’s Curve of the pan-
creas, originally described by DeFronzo et al. [10]. IR is an underlying factor that co-occurs
with a cluster of highly correlated traits including obesity, T2D, hypertension (HTN), and dys-
lipidemia (DL). This cluster of traits is referred to as the insulin resistance, or metabolic, syn-
drome (MS) and is a predictor of cardiovascular disease and stroke. One pervasive form of
insulin resistance, obesity, is a major risk factor for T2D [10, 11].

Whole body IR includes a range of tissue-specific metabolic abnormalities which are linked
by a common failure to respond to insulin. Primary tissues involved are skeletal muscle, liver,
adipose tissue, and pancreatic B-cells, and these are augmented by the gut and brain. The two
key endocrine tissues involved are the pancreas and adipose tissue. Pre-diabetes is an insulin
resistant state that typically precedes diabetes and may lead to T2D when accompanied by a
primary defect in the pancreatic B-cells.

Both genetic and environmental factors play important roles in the development of T2D
[3, 12-15]. There have been continuing efforts to localize and characterize T2D susceptibility
genes using a variety of approaches: genome-wide linkage (GWL), genome-wide association
studies (GWAS), whole genome sequencing (WGS) and genome-wide gene expression (tran-
scriptomics). Transcriptomic studies provide a strategy for moving from gene localization
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towards direct gene characterization and functional analysis. The BeadArrays used in the pres-
ent study included oligonucleotide probes for a total of 47,324 transcripts, which cover most
known genes plus several common splice variants and small non-coding RNAs [16, 17].

In recent years the genome-wide association study (GWAS) has become a popular study de-
sign with several notable successes in localizing novel putative T2D susceptibility genes/vari-
ants [18]. This approach is based on the common variant/common disease hypothesis, and
generally uses data from samples of unrelated cases and controls rather than from related fami-
ly members. So far, more than 70 [19] T2D susceptibility genes have been localized with ge-
nome-wide significance [20-23]. Of these, the most significant gene was the transcription
factor 7-like 2 (TCF7L2) which was localized in a follow-up study to our previous report of
linkage of T2D to the 10q chromosomal region in Mexican Americans [24-26]. However, in
most cases the identity of the causal genes and the functional relevance of the implicated genet-
ic variants have yet to be established. As has been the case with various GWASs of other com-
plex diseases, the genetic contribution of common variants identified by the GWASs to the
overall susceptibility to T2D is rather modest. Most T2D GWASs to date have involved popula-
tions of European ancestry and their relevance to other ethnic groups remains uncertain. Mexi-
can Americans, who are at high risk of T2D, have been examined to a limited extent to resolve
issues such as allele frequency and linkage disequilibrium differences among diverse popula-
tions [27].

We previously demonstrated modulation of the expression of IR-associated inflammation
genes in skeletal muscle from normal glucose tolerant (NGT) subjects in response to acute
hyperinsulinemia during an insulin clamp.[28] We also reported a marked fibrotic inflamma-
tory response in skeletal muscle in response to lipid-induced IR.[29] Using DNA microarrays
we observed increased expression of extracellular matrix genes, and increases in the corre-
sponding proteins, following a 48 hour lipid infusion[30] and described common alterations in
expression of genes in the first global comparison of the skeletal muscle transcriptome and pro-
teome([31] to evaluate the relationship between RNA and protein expression in the pathophysi-
ology of IR. These studies provided evidence that transcriptomic data can provide valuable
information to generate novel hypotheses regarding muscle function in disease states including
insulin resistance. Those findings were extended to adipose tissue in the present study.

Fat is one of the largest tissues in the body with a normal mean of 18-24% body weight in
males, 25-31% in females and >30% in obese individuals. It is essential for normal energy ho-
meostasis. Dysregulation of normally insulin-sensitive adipose tissue function has been repeat-
edly shown to be involved in whole body IR, lipotoxicity, obesity and T2D [32, 33]. In addition
to its role in energy storage and mobilization in response to fluctuating energy demands, adi-
pose is a dynamic endocrine tissue producing a variety of potent adipokines which interact
with other tissues, including skeletal muscle, liver, brain and pancreatic B-cells. Under energy
sufficient states insulin promotes the uptake of glucose in fat, its conversion to triacylglycerol
for storage, and a decrease in lipolysis of triacylglycerols to produce circulating free fatty acids
and glycerol. In energy deficient states, under the control of insulin-antagonistic counterregu-
latory hormones, including glucagon, these processes are normally reversed such that energy is
released from fat stores as free fatty acids for B-oxidation and energy production in skeletal
muscle and liver. The term “adiposopathy” or “sick fat” has been used to describe a state of
metabolic dysregulation wherein fat becomes resistant to the effects of insulin, failing to take
up glucose and switch off lipolysis in response to insulin and producing inappropriate amounts
of adipokines [32]. Adipocyte IR is a complex metabolic disease leading to excess accumulation
of triacylglycerols in multiple fat depots, and dysregulated hormonal interaction with other tis-
sues. Thus, adipose IR contributes to whole body IR, obesity and T2D [33].
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To date there have been no reported systematic studies of adipose tissue genome-wide gene
expression (transcriptome) and correlation with clinical metabolic traits in Mexican Ameri-
cans. Therefore, the purpose of this study was to perform genome-wide transcriptomic mea-
surements, to define T2D susceptibility genes and their potential functions in Mexican
Americans from the Veterans Administration Genetic Epidemiology Study (VAGES) residing
in San Antonio, Texas.

Results

In this study, we first screened the genome for expression of more than 47,000 genes and tran-
scripts, following our previous findings of strong genetic correlations underlying T2D, obesity
and IR traits in Mexican Americans from the VAGES (S1 and S2 Tables). We screened the
transcriptomes of 308 individuals recruited from the VAGES (Table 1) in three tissues: (fat,
skeletal muscle and leukocytes). The results presented here were based on transcriptomic data
from abdominal subcutaneous adipose tissue biopsies from 75 individuals.

RNA Isolation and Generation of Gene Expression Data

We recalled 308 Mexican American participants from the VAGES for this study. Their clinical
and anthropometric characteristics are shown in Table 1. The gene expression dataset was rep-
resentative of the entire VAGES cohort except that the proportion of individuals with T2D was
lower because we selected mainly non-diabetic participants for the transcriptomic/physiologic
studies. Abdominal subcutaneous adipose tissue (FAT) biopsies were obtained from a subset of

Table 1. Characteristics of VAGES Gene Expression Study Participants for Selected Metabolic Syn-
drome (MS)-Related Traits.

Variable N Mean % SD or %
Females 308 66.6

Age (years) 308 494 +12.7
BMI (kg/m?3) 307 340+7.7
WC (mm) 305 105.6 + 18.4
T2D 305 413

Pre-T2D [ND] 179 69.3

FPG (mg/dl) 305 141.7 + 63.5
HbA1c 301 6.6+1.8

FPI [ND] (uIU/ml) 176 84+6.7
HOMA-IR [ND] 176 1.1+£0.9
Matsuda ISI 293 52+6.5
Adipo-IR 294 70.4 £62.2
TC (mg/dl) 302 186.7 + 39.6
HDL (mg/dl) 302 46.1 £ 155
TG (mg/dl) 302 143.6 + 122.2
SBP (mm Hg) 306 133.0+ 17.1
DBP (mm Hg) 305 735+10.4

ND = Non diabetics; BMI = body mass index; WC = waist circumference; FPG = fasting plasma glucose;
HbA1c = glycated hemoglobin; FPI = fasting plasma insulin; HOMA-IR = homeostasis model assessment
of insulin resistance; Matsuda-IS| = Matsuda insulin sensitivity index; Adipo-IR = adipocyte insulin
resistance index; TC = total cholesterol; HDL = high density lipoprotein cholesterol; TG = triglycerides;
SBP = systolic blood pressure; DBP = diastolic blood pressure.

doi:10.1371/journal.pone.0119941.t001
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75 unrelated non-diabetic individuals. In addition, we obtained whole blood (WBCs) samples
from 308 individuals and skeletal muscle (SKM) biopsies from 74 non-diabetic individuals. All
tissue samples were obtained under fasting conditions in the morning during the participant’s
clinic visit. RNA samples were used for preparation of cDNAs, and expression of transcripts
was measured using Illumina BeadArrays (Human HT-12 V4) in three batches (275, 39, and
168 samples, respectively, with each batch containing samples from all 3 tissues). All but one
FAT sample provided high quality gene expression data. Significantly expressed probes were
identified within each tissue and batch at a false discovery rate (FDR) set at 5%, and significant
probes in any tissue and batch were kept for full processing, so that the probe set includes all
relevant probes and the probe sets are identical between tissues for ease of comparison. Subse-
quently, the expression values for these probes were subjected to background noise subtraction,
log, transformation, and three rounds of quantile normalization (within tissue of a given
batch, across tissues in a given batch, and across batches). A total of 31,545 probes (67% of all
probes) were significantly expressed in at least one tissue and batch. Gene expression data were
processed and normalized as described in the Material and Methods section.

Identification of Probes and Genes Whose Expression was Significantly
Correlated with Clinical Traits

After full processing, we conducted linear regression analysis on each probe’s expression in
FAT separately, in order to identify those probes whose expression levels were significantly cor-
related with 15 clinical traits: preT2D, HbAlc, HOMA-IR [34], the Matsuda insulin sensitivity
index (ISI) [35], FPI, FPG, BMI, TG, WC, HDL, LDL, TC, FFA, SBP and DBP. Sex, age, and
two batch indicator variables were included as additional variables in the multiple regression
model. For ease of summary and interpretation, all probe names were converted to gene names
and symbols using the “Convert” function of Gene Profiler[36], and the results were curated by
hand to remove all potential double gene entries and other errors; genes with multiple probes
were counted only once. Table 2shows the number of significant probes at a FDR 0.05 for each

Table 2. Counts of Probes with Significant Gene Expression Differences by Examined Traits.

Trait P N (FDR < 0.05)
BMI 1.1x10® 175
wc 7.5x10°° 154
SBP 5.7x10° 0
DBP 1.1x10™ 0
Chol 1.4x10™ 0
HDL 1.6x107 85
TG 2.0x10° 0
FFA 3.6x10° 0
preT2D 6.8x10® 0
HbA1c 5.3x107° 35
ISl 1.2x107 33
HOMAIR 4.2x10° 1,058
FPG 3.8x10° 34
FPI 24x10° 1,437

Traits are shown in the first column. Gene counts for False Discovery Rate (FDR) < 0.05 are shown in
column 3. Multiple regression analysis was conducted on individual probes, while including age, sex, and
batch number (2 indicator variables) as variables in the model.

doi:10.1371/journal.pone.0119941.t002
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Fig 1. Quantile-Quantile (QQ) plots of Observed vs Expected P-Values of Regression Analysis
between Probe Expression Levels and BMI and WC in FAT Tissue. BMI is shown in blue) and WC in red.
Expected p-values on the x axis are calculated as the minus log4q rank proportion. A total of 35,541 probes
are shown. The most significantly correlated genes are indicated by marked deviations from the diagonal in
the upper rate.

doi:10.1371/journal.pone.0119941.9001

of the examined traits. Eight of fifteen traits had significant gene expression findings, with the
highest number of significant probes (1,437) being observed for FPI. Fig. 1shows a quantile-
quantile (QQ) plot of observed vs. expected p-values for BMI (blue) and WC (red) in FAT tis-
sue. Note that the curves follow the null distribution at first, but then exhibit an upward curva-
ture. The dots on the upper right correspond to the many FDR < 0.05 significant hits (175 and
154 for these two traits, respectively). These significant hits appear to be only the tip of the ice-
berg, given the fairly early deviation of these curves from the diagonal, which indicates an ele-
vated rate of small p-values compared to the null expectation

Overlap in FAT Gene Sets between Pairs of Traits

Table 3shows a tabulation of the number of significantly (FDR < 0.05) expressed genes (lower
triangle) between pairs of traits. The proportions of significantly expressed genes shared in
common (overlapping) between each pair of traits is shown in the upper triangle. Each propor-
tion was calculated with respect to the smaller of the two sets of genes in each trait pair. The
largest proportion of genes shared in common was between FPI and HOMA-IR (94%, 992
genes) followed by FPG and HbA 1c (85%, 29 genes), and BMI and WC (69%, 106 genes). The
large numbers of significantly expressed genes in common between these trait pairs was not
surprising given the known physiological relationships between these pairs of traits. For exam-
ple FPI is a marker of IR and a factor used in the calculation of HOMA-IR; FPG and HbAlc
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Table 3. Overlap among Genes with Significant Expression Differences by Pairs of Traits.

Trait FPI HOMA FPG HbA1c BMI wcC HDL ISI

FPI 1,437 0.94 0.00 0.03 0.45 0.50 0.27 0.27

HOMA 992 1,058 0.00 0.03 0.35 0.40 0.21 0.24 Proportion
FPG 0 0 34 0.85 0.00 0.00 0.00 0.00 of genes
HbA1c 1 1 29 35 0.00 0.00 0.00 0.00 per

BMI 79 61 0 0 175 0.69 0.26 0.18 trait

wcC 77 62 0 0 106 154 0.26 0.18 pair

HDL 23 18 0 0 22 22 85 0.03 overlap

ISI 9 8 0 0 6 6 1 33

Gene counts per trait pair overlap

The first row and column show the traits examined. The diagonal from left to right shows the number of significantly differentially expressed genes per
trait, in bold, taken from Table 2.The numbers of significantly (FDR < 0.05) expressed genes in common between each trait pair are shown below the
diagonal and the proportions of significantly expressed genes which overlap between each trait pair are shown above the diagonal. Proportions were
calculated relative to the smaller of either of the two sets of genes in each trait pair.

doi:10.1371/journal.pone.0119941.t003

represent levels of blood glucose and glycated hemoglobin (which is dependent on levels of
blood glucose); and BMI and WC represent related measures of obesity. HbAlc- and FPG-re-
lated genes did not overlap with any other traits. Both FPI and HOMA-IR also overlapped with
BMI, WC, HDL and ISI, with 21-50% of genes shared in common within each trait pair. Both
BMI and WC overlapped significantly with HDL and ISI, with overlaps of 18-26%. Based on
the overall proportion of significantly expressed genes in common, the most strongly related
traits were clearly HOMA-IR/FPI/WC/BMI in one “IR cluster” and HbA1c/FPG in a second
“glycemic cluster”. In summary, IR-related traits were strongly related by significant differen-
tial expression of genes in common.

Selection of Genes for Gene Sets / Pathways Analysis

To obtain a list of the most significant genes from adipose tissue for deeper analysis, we used
an FDR cutoff of 10™*, which produced a set of 52 significant “gene”-trait pairs, ranging in sig-
nificance from FDR values of 107*-107". These genes were spread across a total of five traits,
with some of the genes being significantly correlated with two or three related traits. When the
duplicate and triplicate genes were taken into account, there remained 36 unique probes. Probe
IDs were converted to gene names manually using the Illumina v4 probe list. Several genes
were interrogated by more than one unique probe (4 genes had 2 probes each and one gene
had 3 probes) and there was one probe with no current annotation (removed from Ensembl in
2009). When these were accounted for, the list of remaining unique genes was 29 (i.e. 36
probes—[6 multiplicate probes + 1 non-functional probe] = 29 final genes) (Table 4). Only
one gene, ADHIA, was shared in common between 3 traits (BMI, WC and FPI). Eleven genes
were shared in common with two traits: six with HbA1c plus FPG; four with BMI plus WC;
and one with WC plus FPI. The genes with significant expression across more than one trait
were of particular interest since they could potentially underpin general mechanisms associated
with IR / obesity in adipose tissue.

Gene Sets / Pathways Analysis

The final list of 29 genes from adipose tissue was analyzed using the Gene Group Functional
Profiling tool in Gene Profiler to search for significant enrichment of gene sets within Gene
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Table 4. Candidate Gene List.

Gene Minimum FDR across Traits Significantly Correlated Traits
MYLA 3.45E-06 HbA1c, FPG
MYL2 5.76E-06 HbA1c, FPG
KLHL41 5.76E-06 HbA1c, FPG
ADH1B 9.97E-05 BMI, WC
FRZB 9.97E-05 BMI, WC
MYBPC1 9.51E-05 FPG

AZGP1 9.97E-05 BMI, WC
NMNAT2 9.70E-05 WC

ADH1A 6.97E-04 FPI, WC, BMI
GPD1L 1.95E-04 BMI, WC
CABC1 2.41E-04 FPI, WC
NEB 4.52E-04 HbA1c, FPG
MB 4.52E-04 HbA1c, FPG
TPM2 6.56E-04 HbA1c, FPG
ANGPT2 1.31E-04 WC

MYH7 1.61E-04 HbA1c
AKAP1 2.41E-04 FPI

NRIP3 2.41E-04 FPI

TNNC2 3.36E-04 HbA1c
NEK6 3.52E-04 FPI

QPRT 3.52E-04 FPI

MYH2 4.08E-04 FPG

CKM 4.52E-04 HbA1c
BMS1 4.83E-04 WC

SNX3 5.14E-04 FPG

HADH 6.54E-04 WC

ENO3 8.64E-04 HbA1c
PXMP2 9.26E-04 WC

NTRK3 9.47E-04 BMI

Shown are the genes whose expression level (based on one or more probes) was significantly correlated
with one or more clinical traits at FDR < E-04. Genes (N = 29), indicated by their official HGNC symbol in
the first column, are ordered from top to bottom according to the FDR value in the second column and
secondly by the number of shared traits shown in the third column.

doi:10.1371/journal.pone.0119941.t004

Ontology (GO) categories, including gene function, subcellular location, intracellular path-
ways, interaction of gene products with other proteins, associated transcription factors based
on high-throughput data analysis of information from multiple large, gene / RNA / protein /
interaction databases. Purely in silico annotation was excluded from analysis to minimize po-
tentially spurious results. Following this analysis, two closely related genes, ADHIA and
ADHIB (see below), were significantly enriched in GO categories potentially related to IR/obe-
sity (Table 5). They were the only genes to be significantly associated with putative IR/obesity
related mechanisms and pathways and fulfilled multiple related GO criteria for potential in-
volvement in glycolysis and FFA metabolism. No other genes met these criteria. Several other
genes scored highly on mechanisms related to cellular structure and muscle contraction. While
these potential housekeeping genes cannot be completely excluded from consideration, the
likelihood of their involvement in IR/obesity metabolism is smaller. We repeated these gene
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Table 5. Gene Sets Analysis Results for Selected Gene Ontology (GO) Terms.

GO term P (29 genes) P (2 genes)
glycolysis/gluconeogenesis 1.45E-02 1.89E-03
fatty acid metabolism 2.52E-03 6.80E-04
retinol metabolism 2.66E-02 1.89E-03
ADH activity, Zn-dependent 2.86E-03 1.45E-05
ethanol metabolic process 8.28E-04 1.41E-05
ethanol oxidation 1.24E-02 1.33E-04

The final list of 29 most highly significant adipose genes was analyzed using Gene Profiler to detect
enrichment of genes in various biological functional categories. A global set of all genes was used as the
control group. P values are shown for several relevant GO categories containing ADH1A and ADH1B.
Several categories contained only these two genes. The genes were analyzed as an ordered list based on
FDR values and numbers of shared traits. Only manually curated data was used for the analysis to avoid
potentially spurious results. Significance for these GO terms was increased approximately 10-fold when
analysis was restricted to the two genes ADH1A and ADH1B. Essentially identical results were obtained
using the WebGestalt analytical engine. All significance values were corrected for multiple testing.

doi:10.1371/journal.pone.0119941.t005

sets / pathway analyses using the WEB-based Gene Set AnaLysis Toolkit (WebGestalt) analyti-
cal engine (http://bioinfo.vanderbilt.edu/webgestalt/) and the Kyoto Encyclopedia of Genes
and Genomes (KEGG) database (www.genome.jp/kegg, accessed 8 December, 2013). Despite
the use of this alternative statistical test for enrichment, the results were essentially identical
(results not shown). For completeness we next analyzed the gene sets significant at FDR < 0.05
for the 8 traits with any significant genes (see Table 2) containing from 33-1437 probes (data
not shown). We found little to no improvement in significance for the key GO terms related to
glycolysis and FFA metabolism despite, in several cases, an increase in the number of probes
within these specific categories. For example, for 175 BMI genes, the number of genes for fatty
acid and glycolysis metabolism increased from two to five (with 3 different additional genes in
each case) with P values of 3.81 x 10~ and 4.25 x 10”2, respectively, representing no improve-
ment in significance for pathway enrichment. This increased our confidence that the enrich-
ment in these metabolic processes was almost exclusively related to ADHIA and ADHIB.

A Candidate Gene for Insulin Resistance/Obesity in Adipose Tissue

The expression of one gene, ADHIA (alcohol dehydrogenase 1A [class I] alpha polypeptide)
(HGNC Symbol, Acc:249) was significantly correlated with BMI, WC and FPI. The expression
of a second gene, ADHIB (alcohol dehydrogenase 1B [class I], beta polypeptide (HGNC Sym-
bol, Acc:250) was significantly correlated with BMI and WC. In separate analyses these genes
were not significantly, using the FDR cutoffs used here, correlated with BMI, WC, or FPI in
skeletal muscle or leukocytes (data not shown). It is noteworthy that BMI and WC have the
strongest phenotypic correlations among the examined traits in the entire VAGES dataset

(52 Table). ADHI1A and ADHIB are highly homologous at the sequence and structural levels
and are located on chromosome 4923 within a cluster of 7 similar alcohol dehydrogenase genes
(5 of which showed no significant correlation with the metabolic traits), all encoded in tandem
on the reverse DNA strand. ADHIA is located approximately 1.5 Mb upstream (centromeric)
of ADHI1B. We used the Multi Experiment Matrix (MEM) tool from Gene Profiler to query
ADHIA/B gene expression in 100 global gene expression datasets to search for significant
gene expression patterns. The presence of both genes was highly significant across all datasets
(4.47 x 10"°* and 6.31 x 10~°° for ADHIA and ADHIB, respectively). Interestingly, out of a
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total of 82 transcriptomic datasets analyzed, three of the most significantly similar datasets,
with high expression of ADHIA and ADHIB, involved the study of adipocytes and adipocyte
differentiation (“Programming human pluripotent stem cells into adipocytes” [E-GEOD-
30038]; “Expression data of human perirenal adipose tissue-derived mesenchymal stem cells
cultured under various conditions” [E-GEOD-18662]; and “Transcription profiling by array of
human adipose-derived stem cells. . .”; [E-MEXP-3340]).

High Expression of ADH1B compared with ADH1A in Adipose Tissue

According to the EMBL-EBI Expression Atlas (http://www-test.ebi.ac.uk) using data obtained
by microarray assay of 76 normal human tissues (http://BioGPS.org) ADHIB is most highly ex-
pressed in adipose tissue, with almost double the level of expression found in the next highest
tissue, liver (S1 Fig.). This finding was confirmed independently by high resolution sequencing
of RNA (RNASeq) from 16 human tissues (Illumina Body Map 2.0). ADHIB had substantially
higher expression in adipose tissue than in 15 other major tissues examined. Its expression was
more than 3-fold higher in adipose tissue than in the next highest tissue, liver (S2 Fig.). In
comparison, ADHIA expression by microarray was 208 fold lower than ADH1B in adipose tis-
sue and the expression ratio in adipose vs. liver tissues was 1.87 for ADHI1B compared with
0.0098 for ADHI1A. The reason for the extremely high and specific expression of ADHIB in fat
is currently unknown. Given these findings, we decided to examine the function of ADHIB in
adipocytes in greater detail.

Confirmative analysis of ADH1B using gRT-PCR

Despite the similarities between the ADHIA and ADHIB genes, our own data, and that from
several other studies, taken together (see below), made a far stronger case for the putative in-
volvement of ADH1B, rather than ADHIA, in adipose tissue metabolism associated with obesi-
ty and IR. Given this prior data we therefore focused most of our attention on the B isoform.
We performed comparative gene expression measurements on the same fat RNA samples
using an independent method, qQRT-PCR, to precisely quantitate the transcript abundance of
ADHIB present in fat samples. All qRT-PCR expression measures were converted to “Calibrat-
ed Normalized Relative Quantities” (CNRQs). We previously have shown good agreement be-
tween Affymetrix microarray expression data and qRT-PCR measurements of RNA expression
(32). qRT-PCR was performed as previously described (32). Gene expression measured by Illu-
mina BeadArrays was strongly correlated with qRT-PCR (R = 0.54, P = 2.9 x 10™), (Fig. 2 A.)
To assess the relationships between the three main variables associated with ADHIB we mea-
sured the correlations between the traits InWC, InBMI and InFPI (Fig. 2 B-D). As expected,
the strongest correlation was between InWC and InBMI (R=0.87,P=1.5x 1077) followed by
InWC and InFPI (R = 0.58, P = 107°). InFPI and InBMI were not significantly correlated. How-
ever, this may be due to the limited sample size since our prior bivariate analysis in non-diabet-
ics from the entire VAGES cohort revealed a highly significant correlation between InFPI and
InBMI including a strong genetic component (S2 Table). Taken together these data are consis-
tent with a genetic mechanism underlying these traits, with possible pleiotropic influences.

For illustrative purposes, we have provided a series of graphs showing the correlations be-
tween isolated ADH 1B expression and key metabolic traits (Figs. 3—4). These results visually
demonstrate the correlations which were used to initially identify ADH1B as a candidate gene
strongly associated with obesity/IR traits. Variables were log transformed to minimize the issue
of non-normality, and only batch 1 data, accounting for 80% of the fat samples, is shown (Figs.
3 and 4). Results using both Beadarray and qRT-PCR data, are summarized in Table 6. Corre-
lations obtained using qQRT-PCR were comparable and in agreement with those obtained with
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Fig 2. Comparisons of Gene Expression Methods (A) and Correlations between Three Key Obesity/Insulin Resistance Trait Pairs (B-D). Panel A
shows the correlation of ADH1B expression measurements made separately with lllumina Beadarrays and gRT-PCR. Panels B-D show correlations
between respectively, INnBMI vs. INWC, INWC vs. InFPI, and InFPI vs. InBMI. Data were log transformed to minimize the issue of non-normality.

gRT-PCR = quantitative real time polymerase chain reaction.

doi:10.1371/journal.pone.0119941.g002

the Illumina BeadArray data. ADHIB gene expression in adipose tissue was strongly inversely
correlated with InWC (R = -0.70, P = 2.8 x 10~%), InBMI (R = -0.63, P < 0.0001), InFPI (R =
-0.48, P < 0.001) and positively correlated with a measure of insulin sensitivity, the InMatsuda
Insulin Sensitivity Index (R = 0.41, P < 0.01) (Fig. 3 A-D). Consistent with these findings,
ADH 1B gene expression was inversely correlated with INHOMA-IR (Fig. 4 A,R =-0.41,

P < 0.01). No significant correlations were obtained for InFFA and InFPG (Fig. 4 B-C).

ADH1B Expression in Pre-Diabetes

To further elucidate the relationship of ADHIB with the key traits, InWC, InBMI and InFFA
we measured ADH 1B expression in individuals stratified by pre-T2D status. We first stratified
individuals by pre-T2D status (NGT, IFG, IGT and IFG/IGT). S3and S4 Figs. show FPG and
FPI responses, respectively, during an OGTT in pre-diabetic individuals. S5 Fig. shows adipo-
cyte IR in pre-T2D individuals. We measured ADHIB correlations within each pre-T2D group
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Fig 3. Correlation of ADH1B Expression with Key Traits (l). Log, transformed gene expression measurements of ADH7B mRNA obtained by lllumina
BeadArray were analyzed for correlation with A INWC, B InBMI, C InFPI and D InMatsuda Insulin Sensitivity Index. Variables were log transformed to
minimize the issue of non-normality.

doi:10.1371/journal.pone.0119941.9003

with each of the key traits (S6-S8 Figs.). Although the stratification diluted the number of indi-
viduals available for each analysis, clear trends emerged and are summarized in Table 6. The
range of significant values was approximately 107>~10"> and the values were generally greater
for the BeadArray data than the qRT-PCR data. Correlations were strongest for InWC, fol-
lowed by InBMI and InFP1. ADH1B expression was consistently associated, and at a similar
level of significance within each key trait, with NGT and IFG/IGT. There was a modest trend
towards significance for the IGT group but the sample size was relatively small (N = 8) com-
pared with approximately twice that number in the other three pre-diabetes groups, NGT

(N =19), IFG (N = 15) and IFG/IGT (N = 14).

ADH1B and Ethanol Consumption

Given the known enzymatic function of ADH1B in the oxidation of ethanol we examined the
effect of drinking status on obese/IR correlations. Many epidemiological studies have reported
little, no, or negative weight gain related to alcohol consumption although this is a multifactori-
al trait and can vary significantly within different cohorts. In our study cohort, 76% were mod-
erate drinkers (National Institute on Alcohol Abuse and Alcoholism [NIAAA] definition) with
an intake of 0.91 + 1.07 (mean * SD) standard drinks/day (NIAAA definition: 1 standard
drink = 0.6 ounces of ethanol). We found a significant negative correlation between alcohol
consumption [(drinks/d)*?] and InBMI (P<0.01, N = 55). We repeated correlations of ADHIB
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Fig 4. Correlation of ADH1B Expression with Key Traits (ll). Log, transformed gene expression measurements of ADH1B mRNA obtained by lllumina
BeadArray were analyzed for correlation with A INHOMA-IR, B InFFA, C InFPG. Variables were log transformed to minimize the issue of non-normality.

doi:10.1371/journal.pone.0119941.9004

log,expression with InBMI, InWC and InFPI, after adjusting for drinking level (plus age and
sex covariates). Drinking was not independently significantly associated with these traits and
when it was included in the model the significance of association was barely changed (WC:
P=12x10" changed to 1.8 x 10™; BMI: 9.5 x 10~° changed to 2.6 x 10°; FP1: 2.0 x 10™*
changed to 1.3 x 107 N = 55). This indicates that the significant inverse correlations between
ADHIB expression and obesity/IR traits were not confounded by drinking status.

ADH1B Protein Expression is Inversely Correlated with BMI

Given the strong correlative findings between ADHI1B RNA expression and BMI we examined
the relative levels of ADH1B protein in lysates obtained from adipose tissue biopsies from sub-
jects with high BMI versus those with low BMI (Fig. 5). Quantitation of adipose tissue protein
obtained from biopsy lysates from subjects with high BMI (N = 6, BMI = 42.4 + 7.3 kg/m?) and
subjects with relatively low BMI (N = 6, BMI = 27.5 + 2.5 kg/m?) was performed by Western
immunoblotting. Protein bands (at the expected size of 41 kDa) were clearly detected and cor-
rected for relative loading using the Ponceau staining method. The mean (+ SD) relative signals
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Table 6. Summary of Results for Correlation of ADH1B Gene Expression with Key Traits.

Trait Beadarray qRT-PCR N
R P R P

INWC -0.70 2.8x107° -0.56 1.1x107° 56
INWC (NGT) -0.81 41x10° -0.73 <0.001 19%
INWC (IFG) -0.37 0.18 -0.36 0.19 15
INWC (IGT) -0.79 0.019 -0.55 0.16 8
INWC (IFG/IGT) -0.86 8.6 x107° -0.64 <0.05 14
InBMI -0.63 5.4x107° -0.58 5.0x107° 56
INBMI (NGT) -0.67 <0.01 -0.71 <0.001 19*
InBMI (IFG) -0.48 0.067 -0.41 0.13 15
InBMI (IGT) -0.79 <0.05 -0.41 0.31 8
INBMI (IFG/IGT) -0.75 <0.01 -0.67 <0.01 14
InFPI -0.48 <0.001 -0.34 <0.05 56
InFPI (NGT) -0.62 <0.01 -0.58 0.014 19%
InFPI (IFG) -0.25 0.38 -0.20 0.50 15
InFPI (IGT) -0.43 0.29 -0.25 0.76 8
InFPI (IFG/IGT) -0.74 <0.01 -0.49 0.072 14
INHOMA-IR -0.41 <0.01 -0.37 <0.01 56
InMatsuda ISI 0.41 <0.01 0.37 <0.01 56
InNFFA -0.084 0.43 -0.02 0.87 56
INFPG -0.17 0.22 0.10 0.45 56

Correlation coefficients (R) and P values are shown for correlation analyses of ADH7B gene expression using both lllumina Beadarray signal intensity and
gRT-PCR (calibrated normalized relative quantities) with key obesity and insulin resistance metabolic traits (InWC, InBMI, InFPI, InHOMA-IR, InMatsuda
ISI, INFFA and InFPG). Only FAT samples with both beadarray and qRT-PCR expression data in batch 1 were used in the analysis and the gqRT-PCR
correlations shown were not adjusted for sex and age. As shown, the three traits INWC, InBMI and InFPI were also tested for correlation with IR/obesity
traits after stratification of samples by pre-T2D status (i.e. NGT, IFG, IGT and IFG/IGT).

*One BeadArray sample was removed due to a low detection P value, as noted in the text.

doi:10.1371/journal.pone.0119941.t006

for the low BMI and high BMI groups were 0.37 + 0.34, and 0.083 + 0.055 (P < 0.05, t-test).
The ratio of mean normalized fluorescence intensity, low:high BMI was 4.6. Thus the ratio of
ADHI1B protein expression in adipose tissue from the low BMI individuals was approximately
5-fold higher than that observed in the high BMI individuals, a finding consistent with the
RNA correlation results.

Discussion

Our overall goal was to discover the causal genes and associated variants which may underlie
the genesis of T2D and related metabolic disorders. Although these studies are specific to the
Mexican American population, which has a relatively high prevalence of T2D and related con-
ditions, it is likely that similar gene functional effects will be generalizable to other populations
manifesting the same disease-related traits.

ADH 1B expression, measured both by Illumina BeadArrays and qRT-PCR, was negatively
correlated with BMI, WC, FPI and HOMA-IR and positively correlated with the Matsuda ISI.
It was not correlated with FPG or FFA. The lack of correlation with FFA could relate to the fact
that about half of the FFA produced by lipolysis undergoes local reuptake and re-esterification
by adipocytes and thus may not be an ideal measure of adipocyte function. These results clearly
indicate decreased expression of ADHIB with higher levels of BMI, WC and FPI and hence an
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Fig 5. Inmunoblot with Adipose Protein Samples from Subjects with High or Low BMI. Quantitation of
adipose tissue protein obtained from biopsy lysates from subjects with high BMI (N = 6, BMI = 42.4 + 7.3 kg/m?)
and subjects with low BMI (N = 6, BMI = 27.5 + 2.5 kg/m?) was performed by immunoblotting. Protein bands
were corrected for relative loading using the Ponceau staining method. Lanes 1-6 BMls: 22.5, 27.6, 28.0, 28.8,
28.9,29.2. Lanes 7-12 BMIs: 34.3, 36.5, 36.9, 47.4, 47.7, 51.5. Mean relative signal + SD: samples

1-6 =0.37 + 0.34, samples 7-12=0.08 + 0.05 (P < 0.05, t-test, 1-tailed). Ratio of mean fluorescence intensity,
low:high BMI = 4.6).

doi:10.1371/journal.pone.0119941.g005

inverse relationship with obesity and IR. These relationships were also evident within subjects
stratified by pre-T2D status. A negative correlation was found with WC, BMI and FPI in the
NGT and IFG/IGT groups. The highly significant correlations of ADHIB expression with WC
provide evidence for a potentially greater role for this gene in central obesity which is highly
correlated with IR. It is not implausible that this relationship might be enhanced by the abdom-
inal location of the adipose tissue biopsies, although they were subcutaneous rather than viscer-
al. The RNA expression results were confirmed at the protein level by Western blotting.
ADHIB protein expression was approximately 5-fold higher, on average, in adipose tissue
from 6 low-BMI individuals compared with 6 high-BMI individuals. In summary, these direct
correlations of ADH1B expression with various metabolic measures indicate a strong associa-
tion of ADHB with obesity and insulin resistance and a possible link with prediabetes.

The ADHIA and ADH1B genes are remarkably similar. They are located approximately
15 kb apart in a 380 kb Mb region on chromosome 4923 that encodes a family of 7 homologous
alcohol dehydrogenase genes in a tandem head-to-tail orientation. They share high structural
and sequence homology at the DNA sequence level (>90% in exons, >70% in introns). Each
has 9 exons and they appear to have arisen by gene duplication events, probably within the pri-
mates, with the divergence between ADHIA and ADH1B having occurred most recently.[37]
The proteins share 94% amino acid sequence homology (sharing 355 of 375 aa) and have al-
most identical tertiary structures and enzymatic mechanisms.[44] Nevertheless despite this
close similarity the expression of these two genes in adipose tissue is strikingly different.

Our selection of ADHIB rather than ADHIA was largely driven by the compelling evidence
of substantially higher, and tissue-specific, expression of ADHIB in adipose tissues. Neverthe-
less, the fact that we have identified two very similar genes (in sequence, structure and enzy-
matic function) with highly significant correlation with multiple traits, provides stronger
evidence since it argues for the relevance of the related functional pathway to the traits of
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interest. We searched the [38] for any ADH1B-related SNP with a threshold P value < 107*(a
P value of < 107® is generally considered necessary to establish genome-wide significance).
From a total of 682 studies with P values < 10™* only one SNP in a single study was significant-
ly associated with ADHIB but the phenotype “upper aerodigestive tract cancers”[39] was clear-
ly not related to the obesity/IR phenotypic association discovered in the present study. This
underscores the relative difficulties of GWAS to be able to detect some types of genetic varia-
tion at the DNA level which may nevertheless be observable at the gene expression level, espe-
cially using precise, accurate physiological measures.

In a 2006 transcriptomic study of visceral adipose tissue gene expression in 5 type 2 diabetic
vs 5 age- and BMI-matched normal glucose tolerant East Asian females, ADHIB showed sig-
nificantly decreased expression in the diabetic patients (Gene Expression Omnibus [GEO] ac-
cession GSE16415; “Genome wide gene expression profiling of visceral adipose tissue among
Asian Indian diabetics”). Gene expression was four-fold decreased in the diabetic patients vs
the controls (52 vs 203 arbitrary units, respectively.) A transcriptomic study of obese vs non-
obese subjects approximately equally divided into 3 T2D-related categories (T2D, IGT and
NGT; total N = 33) found a significant decrease in ADHIB expression in each of the 3 obese
groups compared with the matched controls (GEO accession GSE27951)[40].

ADHI1B and other members of the ADH enzyme family metabolize a wide variety of sub-
strates, including ethanol, retinol, other aliphatic alcohols, hydroxysteroids, and lipid peroxida-
tion products. ADH1B can potentially enhance energy mobilization through two linked
mechanisms. (1) It is involved directly in the reversible oxidation of ethanol to acetyl-CoA via
acetaldehyde and acetate. Acetyl-CoA feeds directly into the Krebs cycle to be converted to
CO, and H,0 with associated energy production. (2) It is involved in the reversible conversion
of alcohol to fatty acids, which can then produce acetyl-CoA via B-oxidation. Therefore, elevat-
ed levels of ADHI1B in human adipocytes could plausibly promote efficient metabolism of en-
ergy from alcohol, moderating its storage as fat. This would be consistent with our findings of
higher ADH1B expression in adipose tissue of subjects with low BMI. (3) A third mechanism
linking ADH1B with obesity/IR is its reversible conversion of retinal to retinol (vitamin A alco-
hol) from precursors. Retinol is specifically transported in the blood by the retinol binding pro-
tein (RBP4). RBP4 is an adipokine, secreted by adipocytes, that contributes to IR and obesity
although there is some conflict between human and animal studies [41, 42]. Retinol and intra-
cellular retinol binding proteins are also important for adipogenesis.

Apart from ethanol consumption, a second potentially important source of circulating etha-
nol, even in individuals who do not consume alcoholic beverages, comes from anaerobic fer-
mentation of carbohydrates by microorganisms in the gastrointestinal tract (the microbiome)
[43]. Humans are evolutionarily well adapted to utilize ethanol produced by microorganisms
in the digestive tract[44] and perhaps elsewhere in the body.[45] Krebs demonstrated in 1970
that significant amounts of alcohol, at a rate of up to an ounce (30.4 g) of pure alcohol per day
[46], are normally formed in the digestive tract. An important function of liver alcohol dehy-
drogenase (ADH, representing several similar enzymes) is the detoxification of normally oc-
curring ethanol, with 75-90% being oxidized by the liver under normal conditions.[46]
Numerous studies have provided extensive evidence for the presence of endogenous ethanol in
the human circulatory system [46-54]. The levels of circulating endogenous ethanol are low
compared with those from typical sources of exogenous ethanol. The lowest reported levels
vary from 0.40 mg/l in normal healthy controls, to 6.6-fold higher levels in patients with T2D
(2.64 mg/1, P < 0.01)[47], obesity[51] (2.6-fold) and in ob/ob genetically obese mice (3.5 fold).
[55] Thus, endogenous ethanol represents a chronic background level of a readily metabolized
fuel, second only to fat in caloric density. If 90% of this is oxidized by the Krebs cycle in the
liver, the net ethanol in the bloodstream would be 3.04 g or 608 mg/1 (in 51 of blood). This is
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1,520-fold higher than the normal mean circulating levels, indicating that approximately 3 g of
ethanol may be oxidized elsewhere in extra-hepatic tissues. Thus, about 1% of the recom-
mended daily food intake is available in the blood as endogenous ethanol for potential oxida-
tion in extra-hepatic tissues. Under normal circumstances this additional source of energy is
continually removed from the circulation and oxidized, maintaining a constant level of about
0.40 mg/l in the blood. However, if this regular energy supply is supplemented by higher daily
food intake, augmented by ethanol intake, or enhanced by decreased energy expenditure, then
the effect of this ethanol burning, or lack thereof, could be substantial. If the levels of the extra-
hepatic ethanol burning enzyme(s) are relatively decreased then the effect will be even greater.

Ethanol that is not oxidized by liver ADH is available for metabolism elsewhere in the body.
Adipose is one of the largest tissues in the body and one of the most complex and metabolically
active, storing and furnishing energy under intricate hormonal control. Furthermore it has by
far the highest expression of alcohol dehydrogenase 1B (ADH1B) RNA of all tissues examined.
It is not currently known what contribution ADH 1B activity in adipocytes may make to whole
body ethanol clearance. However, as noted by Crabb and colleagues[56] ethanol metabolism
has not been closely studied in obese individuals in whom adipose tissue might make a sub-
stantial contribution to alcohol elimination. For example, even if adipose tissue has 10% of the
ADH activity of liver, obese individuals may have 50 times more adipose tissue than liver and
adipose metabolism may make a substantial contribution to ethanol removal. This could vary
depending on genetic and/or environmental factors. Thus, down-regulation of ADHI1B expres-
sion in the adipose tissue of individuals who transition from lean to obese phenotypes could
potentially exacerbate the worsening detrimental metabolic effects of increased adiposity.
Many epidemiological studies have reported little, no, or negative weight gain related to alcohol
consumption although this is a multifactorial trait and can vary significantly within different
cohorts. In a population-based study of the relationship among alcohol intake, body fat, and
physical activity, using data (N = 10,550 subjects) from the third National Health and Nutrition
Examination Survey (NHANES), moderate and hazardous alcohol drinkers had significantly
lower BMI (p < 0.01) and body weight (p < 0.01) than non-drinkers[57]. In the present study
we also found a significant negative correlation between alcohol intake and BMI although alco-
hol consumption was not a significant covariate and did not affect the correlations between
ADH 1B expression and BMI, WC or FPL

The 4q23 chromosomal region has previously been genetically linked to hypertension in a
study in Mexican Americans living in San Antonio [58] and was recently linked to hip circum-
ference in a study of T2D, obesity, dyslipidemia and hypertension in residents of the island of
Kosrae, Federated States of Micronesia.[59] We previously found evidence for genetic linkage
of small dense atherogenic LDL particles at chromosome 4q23 (LOD = 4.1) in Mexican Ameri-
cans from the San Antonio Family Heart Study (SAFHS)[60]. In a study of adipogenic differen-
tiation of mesenchymal stem cells (MSCs) from umbilical cord blood, genome-wide gene
expression analysis identified significant (P = 3.03 x 10™*) upregulation of ADHIB during the
change from undifferentiated to adipocyte-like differentiated MSCs.[61] The human chromo-
some 4q23 region has been shown to be homologous to a chromosomal region implicated in a
murine model of abdominal obesity.[62] ADHIB is an adipogenic marker whose expression
was limited by resveratrol-induced inhibition of clonal expansion and terminal differentiation
of 3T3-L1 preadipocytes.[63]

It appears that the robust relationship observed between adipose tissue ADH1B gene expres-
sion with obesity/IR, at the RNA and protein level, may be present in both normal glucose tol-
erant and pre-diabetic individuals. It is, therefore, possible that the link between decreased
ADH 1B gene expression and obesity/IR which we have established in this study may exist both
in individuals who do not ultimately develop T2D and those who are highly likely to develop
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this disease. However, this does not preclude a role for ADHIB in T2D given the fact that obesi-
ty and IR are primary risk factors for T2D. IR is present in approximately 25% of NGT individ-
uals.[64] Given the multiple well established relationships between obesity/IR and severe
metabolic disorders (including the metabolic syndrome, hypertension and cardiovascular dis-
ease) it remains the case that disordered regulation of ADHIB expression may be involved in
manifold complex metabolic diseases with a high societal and economic burden. The function-
al nature of this relationship, and the specific role of ADHIB in adipose tissue, remains to be
determined and warrants further investigation.

Taken together these findings provide strong experimental support for a potential role for
adipose ADHIB in obesity/IR and T2D. This evidence includes high and specific expression in
adipose tissue, strong inverse correlation with BMI, WC, FPI, HOMA-IR, pre-T2D and the
Matsuda-ISI (positive correlation), highly significant association with glycolysis and fatty acid
metabolism in gene sets analysis, highly significant expression across multiple transcriptomic
studies, particularly those involving adipocytes and adipocyte differentiation, and supportive
evidence from previous linkage studies, some of which were performed in the same target pop-
ulation of San Antonio Mexican Americans from which adipose tissue biopsies were donated
for this study. In conclusion, we have established that there is a strong and consistent pattern
of expression of human adipose ADH1B associated with various measures of obesity and IR.
These findings are consistent with a central role for ADHIB in obesity and insulin resistance
and provide evidence for a novel genetic regulatory mechanism for human metabolic diseases
related to these traits.

Materials and Methods

Parent Study: The Veterans Administration Genetic Epidemiology Study
(VAGES)

Demographic, genotypic and phenotypic data were collected from Mexican American individ-
uals who were enrolled in the Veterans Administration Genetic Epidemiology Study (VAGES).
VAGES families were ascertained on at least 2 siblings and one parent affected with T2D. The
study procedures have been described elsewhere (24). The baseline clinical characteristics of all
VAGES participants are reported in S1 Table. The VAGES baseline [65] plus its extension data
analyses involved information from 1,546 individuals (females = 63.8%, mean age = 50.6 years,
T2D = 58.4 and mean BMI = 37.3 kg/ m?). The heritability (h* + SE) of T2D in VAGES data
was determined to be 0.54 + 0.11 after adjusting for the significant (P < 0.05) covariate effects
of age, sex, age” and age” x sex. The heritability estimates ranged from 0.18 (total cholesterol
[TC]) to 0.59 (BMI), after adjusting for significant covariate effects of age and/or sex terms (S1
Table).

Phenotypic (pp), genetic (pg), and environmental (pg) correlations between selected T2D-
related traits are shown in S2 Table. Correlations between T2D-related continuous traits were
determined using bivariate genetic analysis and trait-specific covariates. The additive genetic
correlation (pg) is a measure of the shared genetic basis of the two traits (i.e, pleiotropy). The
environmental correlation (pg) indexes common nonshared environmental factors influencing
the two traits. We partitioned the phenotypic correlations (pp) between the traits into genetic
(pc) and environmental (pg) correlations. All pPs between the trait pairs were highly signifi-
cant, ranging from -0.32 (fasting insulin/non-diabetics and HDL cholesterol) to 0.73 (BMI and
waist circumference [WC]). As expected, HDL-cholesterol was inversely correlated with fasting
insulin, BMI, and fasting glucose. All pGs were significantly influenced by common genetic fac-
tors (i.e., pleiotropy) excluding the trait pair fasting insulin and TG which was not significant.
The significant pGs ranged from -0.55 (fasting insulin/non-diabetics and HDL cholesterol) to
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1.00 (fasting insulin/non-diabetics and SBP). As expected, HDL-cholesterol was inversely ge-
netically correlated with fasting insulin, BMI, and fasting glucose. Only the pEs between, fast-
ing insulin and triglycerides (TG), fasting glucose and HDL-cholesterol, BMI and WC were
statistically significant. In summary, these data reveal that phenotypic correlations among the
trait pairs are largely influenced by genetic correlations and these trait pairs are under strong,
significant common genetic or pleiotropic influences. These genetic influences underpin the
gene expression effects on clinical traits examined in this study.

Phenotypic Data

We used data from the VAGES to select 308 individuals for recall to undergo a standard OGTT
with blood draws every 30 minutes. The phenotypic data for various metabolic and anthropo-
metric traits, including medical history information, were collected for all study participants.
FPG levels were measured during the OGTT. Subjects were classified as having T2D, if they had
a fasting glucose concentration > 126 mg/dl and/or 2h glucose level > 200 mg/dl according to
the 1999 criteria of the World Health Organization[66]. Participants who did not meet these cri-
teria, but reported that they were under treatment with either oral anti-diabetic agents or insulin,
and who gave a history of diabetes, also were considered to have T2D. Anthropometric data (i.e.,
height, weight, and WC) were collected using standardized procedures. BMI was calculated as
weight in kilograms divided by the square of the height in meters (kg/m?). Based on glucose lev-
els at zero and 120 minutes (to, t159) of the OGTT, subjects were divided into four pre-diabetic
categories: NGT, IFG, IGT, combined IFG/IGT, and T2D. Glycemic categories were defined as
follows (glucose, mg/dl). (1) NGT: at t; <100, and t;,, <140; (2) IFG: at t, >100 and <126 (3)
IGT: at t1p0 >140 and <200; (4) IFG/IGT, as for IFG plus IGT; No subjects were T2D [67, 68].
The study protocol was approved by the Institutional Review Board of the University of Texas
Health Science Center at San Antonio (UTHSCSA), and written informed consent was obtained
from all subjects. All clinical procedures were performed at the Diabetes Clinical Center at the
South Texas Veterans Health Care System Audie L. Murphy Hospital. Fasting blood samples
were analyzed for relevant analyses including: FPG, glycated hemoglobin (HbAlc), FPL, TG,
HDL, low density lipoprotein cholesterol (LDL), total cholesterol (TC) and free fatty acids
(FFA). These were used to calculate well-validated whole body insulin resistance metrics includ-
ing the homeostasis model assessment of IR HOMA-IR[34], the Matsuda Insulin Sensitivity
Index[35] (measuring the reciprocal of IR), and adipocyte IR index (Adipo-IR).

Pre-T2D and Adipose IR in the Study Subjects

Pre-diabetes (pre-T2D) categories were calculated from glucose levels before and at the end of
the OGTT. These included impaired fasting glucose (IFG), impaired glucose tolerance (IGT),
combined IFG/IGT in addition to normal glucose tolerance (NGT). We also measured relevant
anthropometric variables including BMI, WG, systolic blood pressure (SBP) and diastolic blood
pressure (DBP). Glucose, insulin and FFA were measured every 30 minutes during the OGTT in
the 309 subjects. Subjects were partitioned by glycemic response into NGT, IFG, IGT, IFG/IGT
or T2D. These categories relate to insulin sensitivity defects (i.e. IR) predominantly in liver
(IFG), skeletal muscle (IGT) or both (IFG/IGT). There were severe IR defects in muscle and liver
in IFG/IGT and T2D (S1 Fig.). These IR differences also relate to whole body insulin response to
the glucose challenge. In the more IR groups there was a diminished capacity for post-glucose in-
sulin return towards basal levels (S2 Fig.) Decreased insulin action was also observed in adipose
tissue. The more IR subjects also had deficient adipose insulin action, marked by elevated levels
of FFA and an elevated adipocyte IR Index (i.e. InFFA x FPI) (S3 Fig.)
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Processing of Gene Expression Data

The gene expression data were processed as follows: As a first step, we assessed the overall qual-
ity of the expression results of individual samples, based on the number of probes with signifi-
cant detection (defined as having a “detection p-value” of < 0.05), the average expression level
(“mean raw expression level”) across all probes in a sample, and the average correlation across
all probes of one sample versus all others (within a given tissue and batch). Only one sample (a
fat sample) was found to be an outlier with poor quality, leaving 481 samples for further pro-
cessing. Separately within each tissue and within batch, based on the “detection p-value” pro-
vided for each probe by Illumina software, we conducted a binomial test, assessing whether
more samples of a given tissue in a given batch had a “detection p-value” < 0.05 than expected
by chance, before calculating the false discovery rate for a given probe in a given tissue and
batch. Those probes significant at FDR 0.05 in any tissue batch (31545 probes, or 67% of all
probes) were then subjected, within each tissue and batch, to background noise subtraction,
log2 transformation, followed by quantile normalization within tissue and batch, another
quantile normalization across tissues within a batch, and lastly a third quantile normalization
across the three batches. All of the transcriptomic microarray data has been uploaded to the
NCBI Gene Expression Omnibus data repository in MIAME-compliant format for public dis-
semination, accession ID number GSE64567.

Statistical Analysis

A variance-components (VC) approach was used to estimate additive genetic influences on
T2D and its related quantitative traits. In a simple model, variances or covariances between rel-
atives as a function of the genetic relationships can be specified, and the proportion of pheno-
typic variance that is attributed to additive genetic effects (i.e., heritability: h*) can be estimated
from the components of variance. The phenotypic, genetic, and environmental correlations be-
tween T2D-related traits were determined using bivariate genetic analysis. This is an extension
of the VC approach where the phenotypic correlation (pp) between a pair of quantitative traits
can be partitioned into additive genetic (pg) and environmental (pg) components. To address
the issue of non-normality, for a given analysis, outliers, defined as + 4 standard deviations
from the mean were excluded. In addition, data were transformed using inverse normalization.
For the inverse normalized data, which were used to determine additive genetic influences (S1
and S2 Tables), skewness values ranged from -0012 (diastolic blood pressure) to 0.0037 (BMI),
and the kurtosis values ranged from -0.1596 (fasting insulin—non-diabetics) to -0.0813 (systol-
ic blood pressure). In addition, we repeated all analyses using the log transformation. The find-
ings were similar, and only the findings from the inverse normalized data were included in this
report (S1 and S2 Tables). For the log transformed data, the skewness values ranged from
-0.5946 (diastolic blood pressure) to 0.8665 (fasting glucose), and the kurtosis values ranged
from -0.2127 (fasting glucose) to 0.6310 (total cholesterol). The metabolic trait data used for
various sub-data set analyses were derived from these data sets. All genetic analyses, univariate
(S1 Table) and bivariate (S2 Table), were performed using the VC approach as implemented in
the computer program SOLAR [69]. All genetic analyses included adjustment for covariate ef-
fects of age and/or sex terms.

All gene, tissue and trait correlations were corrected for multiple testing using the False Dis-
covery Rate [70]. Gene sets /pathway analyses were corrected using the default methods de-
scribed by GeneProfiler [71] and WebGestalt [72]. Statistical approaches used to normalize
transcriptomic data are described in the text. Briefly, the transcript values are fairly normal,
due to multiple rounds of quantile normalization; and, the metabolic traits were log trans-
formed to minimize the issue of non-normality.
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Student’s t-test and ANOVA were used to evaluate trait differences between and among the
diabetic and pre-diabetic groups (NGT, IGT, IFG, IGT/IFG, T2D).

Supporting Information

S1 Fig. RNA Expression of ADHIB in Human Tissues Measured by Microarray. ADHIB
RNA expression was measured in a total of 76 normal human tissues and compartments hy-
bridized against Affymetrix HG-U133A microarrays. Sixteen major tissues with the highest ex-
pression are shown. The Affymetrix MAS5 algorithm was used for array processing and
probesets were averaged per gene. Data was downloaded from the BioGPS website (http://
biogps.org) on December 24, 2013.

(TIF)

S2 Fig. RNA Expression of ADHIB in Human Tissues Measured by RNASeq. ADHIB RNA
expression was measured in a total of 16 normal human tissues by RNA sequencing and the se-
quences mapped to genes via their transcripts. The data was generated on HiSeq 2000 instru-
ments in 2010. Expression is shown as Fragments Per Kilobase of exon per Million fragments
mapped (FPKM) and was calculated using the Cufflinks program (http://cufflinks.cbcb.umd.
edu/index.html). Illumina body map 2.0 data was downloaded from the Ensembl website
(http://www.ensembl.info/) on December 24, 2013.

(TIF)

S3 Fig. Plasma Glucose Response in Pre-Diabetics during the OGTT. Based on glucose levels
at zero and 120 minutes (to, t;50) of the OGTT, 309 subjects were divided into NGT (normal glu-
cose tolerant), IFG (impaired fasting glucose), IGT (impaired glucose tolerant), combined IFG/
IGT, and T2D. Glycemic categories were defined as follows (glucose, mg/dl): (1) NGT at t, <110,
and t1o0 <140; (2) at to 110> IFG <126, and t,59 <140; (3) at ty <126, and t;,0 140> IGT <200;
(4) IFG/IGT, as for IFG plus IGT; (5) T2D, at t, 126> T2D, and t;59 200> T2D. Complete data
were available for: NGT (N = 55), IFG (N = 45), IGT (N = 24), IFG/IGT (N = 53) and T2D

(N =119). Values are mean + SEM.

(TIF)

$4 Fig. Plasma Insulin Response in Pre-Diabetics during the OGTT. Based on glucose levels
at zero and 120 minutes (to, t;0) of the OGTT, 309 subjects were divided into NGT (normal
glucose tolerant), IFG (impaired fasting glucose), IGT (impaired glucose tolerant), combined
IFG/IGT, and T2D. Glycemic categories were defined as follows (glucose, mg/dl): (1) NGT at
to <110, and t;50 <140; (2) at ty 110> IFG <126, and t,,0 <140; (3) at ty <126, and ;o 140>
IGT <2005 (4) IFG/IGT, as for IFG plus IGT; (5) T2D, at t, 126> T2D, and t;,, 200> T2D.
Complete data were available for: NGT (N = 55), IFG (N = 45), IGT (N = 24), IFG/IGT

(N =53)and T2D (N = 119). Values are mean + SEM.

(TIF)

S5 Fig. Adipocyte Insulin Resistance in Pre-Diabetics during the OGTT. Based on glucose
levels at zero and 120 minutes (to, t159) of the OGTT, 309 subjects were divided into NGT (nor-
mal glucose tolerant), IFG (impaired fasting glucose), IGT (impaired glucose tolerant), com-
bined IFG/IGT, and T2D. Glycemic categories were defined as follows (glucose, mg/dl): (1)
NGT at ty <110, and t;, <140; (2) at ty 110> IFG <126, and t;,o <140; (3) at ty <126, and
t120 140> IGT <2005 (4) IFG/IGT, as for IFG plus IGT; (5) T2D, at t, 126> T2D, and t;5
200> T2D. Complete data were available for: NGT (N = 55), IFG (N =45), IGT (N = 24),
IFG/IGT (N =53) and T2D (N = 119). Values are mean + SEM. Adipo-IR varied significantly
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among the 5 groups (P < 0.0001, ANOVA) and were increased in IFG, IFG/IGT and T2D
compared with NGT (*p<0.001, **p<0.0001, t-test).
(TIF)

S6 Fig. ADH1B Gene Expression Correlations with InWC Stratified by Pre-Diabetes. Log,
transformed gene expression measurements of ADHIB mRNA obtained by Illumina Bead Ar-
ray were analyzed for correlation with A. InWC from NGT subjects, B. InWC from IFG sub-
jects, C. InWC from IGT subjects and D. InWC from IFG/IGT subjects.

(TIF)

S7 Fig. ADH1B Gene Expression Correlations with InBMI Stratified by Pre-Diabetes. Log,
transformed gene expression measurements of ADHIB mRNA obtained by Illumina Bead Ar-
ray were analyzed for correlation with A. InBMI from NGT subjects, B. InBMI from IFG sub-
jects, C. InBMI from IGT subjects and D. InBMI from IFG/IGT subjects.

(TTF)

S8 Fig. ADH1B Gene Expression Correlations with InFPI Stratified by Pre-Diabetes. Log,
transformed gene expression measurements of ADHIB mRNA obtained by Illumina BeadAr-
ray were analyzed for correlation with A. InFPI from NGT subjects, B. InFPI from IFG subjects,
C. InFPI from IGT subjects and D. InFPI from IFG/IGT subjects.

(TIF)

S1 Table. Characteristics of VAGES Participants and Heritability Estimates for Selected
T2D-related Traits. The characteristics of the 1,546 VAGES participants are shown. Approxi-
mately 64% of the participants were female and the mean age was 50.6 years. The prevalence of
T2D was 58.4% and the mean BMI was 37.3. The heritability (i.e., h®) estimates ranged from
0.18 (total cholesterol) to 0.59 (BMI), after adjusting for significant covariate effects of age and/
or sex terms.

(DOCX)

S2 Table. Phenotypic (pP), Genetic (pG), and Environmental (pE) Correlations between Se-
lected T2D-Related Traits. After adjusting for trait-specific covariate effects, all pPs between
the trait pairs were highly significant, ranging from -0.32 (fasting insulin/non-diabetics and
HDL cholesterol) to 0.73 (BMI and waist circumference [WC]). As expected, HDL-cholesterol
was inversely correlated with fasting insulin, BMI, and fasting glucose. All pGs were significant-
ly influenced by common genetic factors (i.e., pleiotropy) excluding the trait pair fasting insulin
and TG which was not significant. The significant pGs ranged from -0.55 (fasting insulin/non-
diabetics and HDL cholesterol) to 1.00 (fasting insulin/non-diabetics and SBP). As expected,
HDL-cholesterol was inversely genetically correlated with fasting insulin, BMI, and fasting glu-
cose. Only the pEs between, fasting insulin and triglycerides (T'G), fasting glucose and HDL-
cholesterol, BMI and WC were statistically significant.

(DOCX)

Acknowledgments

We thank our nurses, James King, John Kincaid, Rose Kaminski-Graham, and Norma Diaz,
for their excellent care of the participants throughout the study. We thank the participants of
VAGES and are grateful for their generous participation, cooperation and support for this
research.

PLOS ONE | DOI:10.1371/journal.pone.0119941  April 1,2015 22/26


http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0119941.s006
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0119941.s007
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0119941.s008
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0119941.s009
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0119941.s010

el e
@ : PLOS | ONE Obesity Gene in Mexican Americans

Author Contributions

Conceived and designed the experiments: JB RD RAD CPJ. Performed the experiments: DAW
MF LN SLH SK MC JEC DTC DT CPJ. Analyzed the data: LN MAA VSF DKC SK SP GC
TDD RA DT JB RD HHHG RAD CP]J. Contributed reagents/materials/analysis tools: MC
DML JEC JB RD HHHG RAD CPJ. Wrote the paper: CPJ. Read and critiqued the manuscript:
LN MAA SLH VSF DKC RA MC DML JB RD HHHG RAD CP]J.

References

1. Centers_for_Disease_Control_and_Prevention (2011) Diabetes: Successes and Opportunities for
Population-Based Prevention and Control at a Glance; Available: http://www.cdc.gov/chronicdisease/
resources/publications/aag/ddt.htm. 2014 Atlanta, GA, U.S. Department of Health and Human Ser-
vices, Centers for Disease Control and Prevention.

2. Flegal KM, Carroll MD, Kit BK, Ogden CL (2012) Prevalence of obesity and trends in the distribution of
body mass index among US adults, 1999-2010. JAMA 307: 491-497. doi: 10.1001/jama.2012.39
PMID: 22253363

3. Reaven GM (1995) Pathophysiology of insulin resistance in human disease. Physiol Rev 75: 473—-486.
PMID: 7624391

4. DeFronzo R (1997) Pathogenesis of type 2 diabetes: metabolic and molecular implications of identify-
ing diabetes genes. Diabetes Reviews 5: 177-269.

5. Defronzo RA (2009) Banting Lecture. From the triumvirate to the ominous octet: a new paradigm for the
treatment of type 2 diabetes mellitus. Diabetes 58: 773-795. doi: 10.2337/db09-9028 PMID: 19336687

6. Burke JP, Williams K, Gaskill SP, Hazuda HP, Haffner SM, Stern MP (1999) Rapid rise in the incidence
of type 2 diabetes from 1987 to 1996: results from the San Antonio Heart Study. Arch Intern Med 159:
1450-1456. PMID: 10399896

7. Stern MP, Gaskill SP, Hazuda HP, Gardner LI, Haffner SM (1983) Does obesity explain excess preva-
lence of diabetes among Mexican Americans? Results of the San Antonio Heart Study. Diabetologia
24:272-277. PMID: 6862133

8. Civitarese AE, Jenkinson CP, Richardson D, Bajaj M, Cusi K, Kashyap S, et al. (2004) Adiponectin re-
ceptors gene expression and insulin sensitivity in non-diabetic Mexican Americans with or without a
family history of Type 2 diabetes. Diabetologia 47: 816-820. PMID: 15105989

9. Kashyap SR, Belfort R, Berria R, Suraamornkul S, Pratipranawatr T, Finlayson J, et al. (2004) Discor-
dant effects of a chronic physiological increase in plasma FFA on insulin signaling in healthy subjects
with or without a family history of type 2 diabetes. Am J Physiol Endocrinol Metab 287: E537-546.
PMID: 15126243

10. DeFronzo RA (1992) Pathogenesis of type 2 (non-insulin dependent) diabetes mellitus: a balanced
overview. Diabetologia 35: 389-397. PMID: 1516769

11. DeFronzo RA (1988) Lilly lecture 1987. The triumvirate: beta-cell, muscle, liver. A collusion responsible
for NIDDM. Diabetes 37: 667—687. PMID: 3289989

12. Barnett AH, Eff C, Leslie RD, Pyke DA (1981) Diabetes in identical twins. A study of 200 pairs. Diabeto-
logia 20: 87-93. PMID: 7193616

13. Harlan LC, Harlan WR, Landis JR, Goldstein NG (1987) Factors associated with glucose tolerance in
adults in the United States. Am J Epidemiol 126: 674-684. PMID: 3631057

14. Klein BE, Klein R, Moss SE, Cruickshanks KJ (1996) Parental history of diabetes in a population-based
study. Diabetes Care 19: 827-830. PMID: 8842599

15. Poulsen P, Kyvik KO, Vaag A, Beck-Nielsen H (1999) Heritability of type Il (non-insulin-dependent) dia-
betes mellitus and abnormal glucose tolerance—a population-based twin study. Diabetologia 42: 139—
145. PMID: 10064092

16. lllumina website. Available: http:/res.illumina.com/documents/products/datasheets/. 2014.

17. Goring HH, Curran JE, Johnson MP, Dyer TD, Charlesworth J, Cole SA, et al. (2007) Discovery of ex-
pression QTLs using large-scale transcriptional profiling in human lymphocytes. Nat Genet 39: 1208—
1216. PMID: 17873875

18. Prokopenko |, McCarthy MI, Lindgren CM (2008) Type 2 diabetes: new genes, new understanding.
Trends Genet 24:613-621. doi: 10.1016/}.tig.2008.09.004 PMID: 18952314

19. Sanghera DK, Blackett PR (2012) Type 2 Diabetes Genetics: Beyond GWAS. J Diabetes Metab 3. doi:
10.4172/2155-6156.1000213 PMID: 23565341

PLOS ONE | DOI:10.1371/journal.pone.0119941  April 1,2015 23/26


http://www.cdc.gov/chronicdisease/resources/publications/aag/ddt.htm
http://www.cdc.gov/chronicdisease/resources/publications/aag/ddt.htm
http://dx.doi.org/10.1001/jama.2012.39
http://www.ncbi.nlm.nih.gov/pubmed/22253363
http://www.ncbi.nlm.nih.gov/pubmed/7624391
http://dx.doi.org/10.2337/db09-9028
http://www.ncbi.nlm.nih.gov/pubmed/19336687
http://www.ncbi.nlm.nih.gov/pubmed/10399896
http://www.ncbi.nlm.nih.gov/pubmed/6862133
http://www.ncbi.nlm.nih.gov/pubmed/15105989
http://www.ncbi.nlm.nih.gov/pubmed/15126243
http://www.ncbi.nlm.nih.gov/pubmed/1516769
http://www.ncbi.nlm.nih.gov/pubmed/3289989
http://www.ncbi.nlm.nih.gov/pubmed/7193616
http://www.ncbi.nlm.nih.gov/pubmed/3631057
http://www.ncbi.nlm.nih.gov/pubmed/8842599
http://www.ncbi.nlm.nih.gov/pubmed/10064092
http://res.illumina.com/documents/products/datasheets/
http://www.ncbi.nlm.nih.gov/pubmed/17873875
http://dx.doi.org/10.1016/j.tig.2008.09.004
http://www.ncbi.nlm.nih.gov/pubmed/18952314
http://dx.doi.org/10.4172/2155-6156.1000213
http://www.ncbi.nlm.nih.gov/pubmed/23565341

@’PLOS | ONE

Obesity Gene in Mexican Americans

20.

21.

22,

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

Sladek R, Rocheleau G, Rung J, Dina C, Shen L, Serre D, et al. (2007) A genome-wide association
study identifies novel risk loci for type 2 diabetes. Nature 445: 881-885. PMID: 17293876

Voight BF, Scott LJ, Steinthorsdottir V, Morris AP, Dina C, Welch RP, et al. (2010) Twelve type 2 diabe-
tes susceptibility loci identified through large-scale association analysis. Nat Genet 42: 579-589. doi:
10.1038/ng.609 PMID: 20581827

Watanabe RM (2010) The genetics of insulin resistance: Where's Waldo? Curr Diab Rep 10: 476-484.
doi: 10.1007/s11892-010-0143-1 PMID: 20820957

National Human Genome Research Institute website http://www.genome.gov/gwastudies/ available
2014.

Grant SF, Thorleifsson G, Reynisdottir I, Benediktsson R, Manolescu A, Sainz J, et al. (2006) Variant of
transcription factor 7-like 2 (TCF7L2) gene confers risk of type 2 diabetes. Nat Genet 38: 320-323.
PMID: 16415884

Reynisdottir I, Thorleifsson G, Benediktsson R, Sigurdsson G, Emilsson V, Einarsdottir AS, et al.
(2003) Localization of a susceptibility gene for type 2 diabetes to chromosome 5q34-g35.2. Am J Hum
Genet 73: 323-335. PMID: 12851856

Duggirala R, Blangero J, Aimasy L, Dyer TD, Williams KL, Leach RJ, et al. (1999) Linkage of type 2 dia-
betes mellitus and of age at onset to a genetic location on chromosome 10q in Mexican Americans. Am
J Hum Genet 64: 1127—1140. PMID: 10090898

Rosenberg NA, Huang L, Jewett EM, Szpiech ZA, Jankovic |, Boehnke M (2010) Genome-wide associ-
ation studies in diverse populations. Nat Rev Genet 11: 356-366. doi: 10.1038/nrg2760 PMID:
20395969

Coletta DK, Balas B, Chavez AO, Baig M, Abdul-Ghani M, Kashyap SR, et al. (2008) Effect of acute
physiological hyperinsulinemia on gene expression in human skeletal muscle in vivo. Am J Physiol
Endocrinol Metab 294: E910-917. doi: 10.1152/ajpendo.00607.2007 PMID: 18334611

Richardson DK, Kashyap S, Bajaj M, Cusi K, Mandarino SJ, Finlayson J, et al. (2005) Lipid infusion de-
creases the expression of nuclear encoded mitochondrial genes and increases the expression of extra-
cellular matrix genes in human skeletal muscle. J Biol Chem 280: 10290—-10297. PMID: 15598661

Monks SA, Leonardson A, Zhu H, Cundiff P, Pietrusiak P, Edwards S, et al. (2004) Genetic inheritance
of gene expression in human cell lines. Am J Hum Genet 75: 1094—1105. PMID: 15514893

Yi Z, Bowen BP, Hwang H, Jenkinson CP, Coletta DK, Lefort N, et al. (2008) Global relationship be-
tween the proteome and transcriptome of human skeletal muscle. J Proteome Res 7: 3230-3241. doi:
10.1021/pr800064s PMID: 18613714

Bays HE (2011) Adiposopathy is "sick fat" a cardiovascular disease? J Am Coll Cardiol 57: 2461—
24783. doi: 10.1016/j.jacc.2011.02.038 PMID: 21679848

Bays H, Mandarino L, DeFronzo RA (2004) Role of the adipocyte, free fatty acids, and ectopic fatin
pathogenesis of type 2 diabetes mellitus: peroxisomal proliferator-activated receptor agonists provide a
rational therapeutic approach. J Clin Endocrinol Metab 89: 463-478. PMID: 14764748

Matthews DR, Hosker JP, Rudenski AS, Naylor BA, Treacher DF, Turner RC (1985) Homeostasis
model assessment: insulin resistance and beta-cell function from fasting plasma glucose and insulin
concentrations in man. Diabetologia 28: 412—-419. PMID: 3899825

Matsuda M, DeFronzo RA (1999) Insulin sensitivity indices obtained from oral glucose tolerance test-
ing: comparison with the euglycemic insulin clamp. Diabetes Care 22: 1462—1470. PMID: 10480510

Reimand J, Arak T, Vilo J (2011) g:Profiler—a web server for functional interpretation of gene lists
(2011 update). Nucleic Acids Res 39: W307-315. doi: 10.1093/nar/gkr378 PMID: 21646343

Carrigan MA, Uryasev O, Davis RP, Zhai L, Hurley TD, Benner SA (2012) The natural history of class |
primate alcohol dehydrogenases includes gene duplication, gene loss, and gene conversion. PLoS
One 7:e41175. doi: 10.1371/journal.pone.0041175 PMID: 22859968

Thorisson GA, Lancaster O, Free RC, Hastings RK, Sarmah P, Dash D, et al. (2009) HGVbaseG2P: a
central genetic association database. Nucleic Acids Res 37: D797-802. doi: 10.1093/nar/gkn748
PMID: 18948288

McKay JD, Truong T, Gaborieau V, Chabrier A, Chuang SC, Byrnes G, et al. (2011) A genome-wide as-
sociation study of upper aerodigestive tract cancers conducted within the INHANCE consortium. PLoS
Genet 7:€1001333. doi: 10.1371/journal.pgen.1001333 PMID: 21437268

Keller P, Gburcik V, Petrovic N, Gallagher IJ, Nedergaard J, Cannon B, et al. (2011) Gene-chip studies
of adipogenesis-regulated microRNAs in mouse primary adipocytes and human obesity. BMC Endocr
Disord 11:7. doi: 10.1186/1472-6823-11-7 PMID: 21426570

Yang Q, Graham TE, Mody N, Preitner F, Peroni OD, Zabolotny JM, et al. (2005) Serum retinol binding
protein 4 contributes to insulin resistance in obesity and type 2 diabetes. Nature 436: 356-362. PMID:
16034410

PLOS ONE | DOI:10.1371/journal.pone.0119941

April 1,2015 24/26


http://www.ncbi.nlm.nih.gov/pubmed/17293876
http://dx.doi.org/10.1038/ng.609
http://www.ncbi.nlm.nih.gov/pubmed/20581827
http://dx.doi.org/10.1007/s11892-010-0143-1
http://www.ncbi.nlm.nih.gov/pubmed/20820957
http://www.genome.gov/gwastudies/
http://www.ncbi.nlm.nih.gov/pubmed/16415884
http://www.ncbi.nlm.nih.gov/pubmed/12851856
http://www.ncbi.nlm.nih.gov/pubmed/10090898
http://dx.doi.org/10.1038/nrg2760
http://www.ncbi.nlm.nih.gov/pubmed/20395969
http://dx.doi.org/10.1152/ajpendo.00607.2007
http://www.ncbi.nlm.nih.gov/pubmed/18334611
http://www.ncbi.nlm.nih.gov/pubmed/15598661
http://www.ncbi.nlm.nih.gov/pubmed/15514893
http://dx.doi.org/10.1021/pr800064s
http://www.ncbi.nlm.nih.gov/pubmed/18613714
http://dx.doi.org/10.1016/j.jacc.2011.02.038
http://www.ncbi.nlm.nih.gov/pubmed/21679848
http://www.ncbi.nlm.nih.gov/pubmed/14764748
http://www.ncbi.nlm.nih.gov/pubmed/3899825
http://www.ncbi.nlm.nih.gov/pubmed/10480510
http://dx.doi.org/10.1093/nar/gkr378
http://www.ncbi.nlm.nih.gov/pubmed/21646343
http://dx.doi.org/10.1371/journal.pone.0041175
http://www.ncbi.nlm.nih.gov/pubmed/22859968
http://dx.doi.org/10.1093/nar/gkn748
http://www.ncbi.nlm.nih.gov/pubmed/18948288
http://dx.doi.org/10.1371/journal.pgen.1001333
http://www.ncbi.nlm.nih.gov/pubmed/21437268
http://dx.doi.org/10.1186/1472-6823-11-7
http://www.ncbi.nlm.nih.gov/pubmed/21426570
http://www.ncbi.nlm.nih.gov/pubmed/16034410

@’PLOS | ONE

Obesity Gene in Mexican Americans

42.

43.

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.
54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

Janke J, Engeli S, Boschmann M, Adams F, Bohnke J, Luft FC, et al. (2006) Retinol-binding protein 4 in
human obesity. Diabetes 55: 2805-2810. PMID: 17003346

Zhu L, Baker SS, Gill C, Liu W, Alkhouri R, Baker RD, et al. (2013) Characterization of gut microbiomes
in nonalcoholic steatohepatitis (NASH) patients: a connection between endogenous alcohol and
NASH. Hepatology 57: 601-609. doi: 10.1002/hep.26093 PMID: 23055155

Levey DJ (2004) The evolutionary ecology of ethanol production and alcoholism. Integr Comp Biol 44:
284-289. doi: 10.1093/icb/44.4.284 PMID: 21676711

Antoshechkin AG (2001) On intracellular formation of ethanol and its possible role in energy metabo-
lism. Alcohol Alcohol 36: 608. PMID: 11704630

Krebs HA, Perkins JR (1970) The physiological role of liver alcohol dehydrogenase. Biochem J 118:
635-644. PMID: 5481498

Simic M, Ajdukovic N, Veselinovic I, Mitrovic M, Djurendic-Brenesel M (2012) Endogenous ethanol pro-
duction in patients with diabetes mellitus as a medicolegal problem. Forensic Sci Int 216: 97—-100. doi:
10.1016/j.forsciint.2011.09.003 PMID: 21945304

Agarwal DP, Goedde HW (1990) Pharmacogenetics of alcohol dehydrogenase (ADH). Pharmacol
Ther 45: 69-83. PMID: 2405433

Watanabe-Suzuki K, Seno H, Ishii A, Kumazawa T, Suzuki O (1999) Ultra-sensitive method for determi-
nation of ethanol in whole blood by headspace capillary gas chromatography with cryogenic oven trap-
ping. J Chromatogr B Biomed Sci Appl 727: 89-94. PMID: 10360426

Phillips M, Greenberg J, Martinez V (1988) Endogenous breath ethanol concentrations in abstinent al-
cohol abusers and normals. Alcohol 5: 263—265. PMID: 3415770

Nair S, Cope K, Risby TH, Diehl AM (2001) Obesity and female gender increase breath ethanol con-
centration: potential implications for the pathogenesis of nonalcoholic steatohepatitis. Am J Gastroen-
terol 96: 1200-1204. PMID: 11316170

Jones AW (1983) Determination of liquid/air partition coefficients for dilute solutions of ethanol in water,
whole blood, and plasma. J Anal Toxicol 7: 193—197. PMID: 6101261

Lands WE (1998) A review of alcohol clearance in humans. Alcohol 15: 147—160. PMID: 9476961

Tillonen J (2000) Ethanol, Acetaldehyde and gastroinestinal Flora. Regulatory Factors and Pathophysi-
ological Consequences of Microbial Ethanol Oxidation and Acetaldehyde Production in the Digestive
Tract. Helsinki: University of Helsinki, Finland. 70 p.

Cope K, Risby T, Diehl AM (2000) Increased gastrointestinal ethanol production in obese mice: implica-
tions for fatty liver disease pathogenesis. Gastroenterology 119: 1340—1347. PMID: 11054393

Crabb DW, Zeng Y, Liangpunsakul S, Jones R, Considine R (2011) Ethanol impairs differentiation of
human adipocyte stromal cells in culture. Alcohol Clin Exp Res 35: 1584—1592. doi: 10.1111/j.1530-
0277.2011.01504.x PMID: 21599713

Liangpunsakul S, Crabb DW, Qi R (2010) Relationship among alcohol intake, body fat, and physical ac-
tivity: a population-based study. Ann Epidemiol 20: 670-675. doi: 10.1016/j.annepidem.2010.05.014
PMID: 20696406

Atwood LD, Samollow PB, Hixson JE, Stern MP, MacCluer JW (2001) Genome-wide linkage analysis
of blood pressure in Mexican Americans. Genet Epidemiol 20: 373-382. PMID: 11255245

Shmulewitz D, Heath SC, Blundell ML, Han Z, Sharma R, Salit J, et al. (2006) Linkage analysis of quan-
titative traits for obesity, diabetes, hypertension, and dyslipidemia on the island of Kosrae, Federated
States of Micronesia. Proc Natl Acad Sci U S A 103: 3502—-3509. PMID: 16537441

Rainwater DL, Almasy L, Blangero J, Cole SA, VandeBerg JL, MacCluer JW, et al. (1999) A genome
search identifies major quantitative trait loci on human chromosomes 3 and 4 that influence cholesterol
concentrations in small LDL particles. Arterioscler Thromb Vasc Biol 19: 777-783. PMID: 10073986
Sibov TT, Severino P, Marti LC, Pavon LF, Oliveira DM, Tobo PR, et al. (2012) Mesenchymal stem
cells from umbilical cord blood: parameters for isolation, characterization and adipogenic differentiation.
Cytotechnology 64:511-521. doi: 10.1007/s10616-012-9428-3 PMID: 22328147

Snyder EE, Walts B, Perusse L, Chagnon YC, Weisnagel SJ, Rankinen T, et al. (2004) The human obe-
sity gene map: the 2003 update. Obes Res 12: 369-439. PMID: 15044658

Mitterberger MC, Zwerschke W (2013) Mechanisms of resveratrol-induced inhibition of clonal expan-
sion and terminal adipogenic differentiation in 3T3-L1 preadipocytes. J Gerontol A Biol Sci Med Sci 68:
1356—-1376. doi: 10.1093/gerona/glt019 PMID: 23525482

Reaven GM (1988) Banting lecture 1988. Role of insulin resistance in human disease. Diabetes 37:
1595-1607. PMID: 3056758

Farook VS, Coletta DK, Puppala S, Schneider J, Chittoor G, Hu SL, et al. (2013) Linkage of type 2 dia-
betes on chromosome 9p24 in Mexican Americans: additional evidence from the Veterans

PLOS ONE | DOI:10.1371/journal.pone.0119941

April 1,2015 25/26


http://www.ncbi.nlm.nih.gov/pubmed/17003346
http://dx.doi.org/10.1002/hep.26093
http://www.ncbi.nlm.nih.gov/pubmed/23055155
http://dx.doi.org/10.1093/icb/44.4.284
http://www.ncbi.nlm.nih.gov/pubmed/21676711
http://www.ncbi.nlm.nih.gov/pubmed/11704630
http://www.ncbi.nlm.nih.gov/pubmed/5481498
http://dx.doi.org/10.1016/j.forsciint.2011.09.003
http://www.ncbi.nlm.nih.gov/pubmed/21945304
http://www.ncbi.nlm.nih.gov/pubmed/2405433
http://www.ncbi.nlm.nih.gov/pubmed/10360426
http://www.ncbi.nlm.nih.gov/pubmed/3415770
http://www.ncbi.nlm.nih.gov/pubmed/11316170
http://www.ncbi.nlm.nih.gov/pubmed/6101261
http://www.ncbi.nlm.nih.gov/pubmed/9476961
http://www.ncbi.nlm.nih.gov/pubmed/11054393
http://dx.doi.org/10.1111/j.1530-0277.2011.01504.x
http://dx.doi.org/10.1111/j.1530-0277.2011.01504.x
http://www.ncbi.nlm.nih.gov/pubmed/21599713
http://dx.doi.org/10.1016/j.annepidem.2010.05.014
http://www.ncbi.nlm.nih.gov/pubmed/20696406
http://www.ncbi.nlm.nih.gov/pubmed/11255245
http://www.ncbi.nlm.nih.gov/pubmed/16537441
http://www.ncbi.nlm.nih.gov/pubmed/10073986
http://dx.doi.org/10.1007/s10616-012-9428-3
http://www.ncbi.nlm.nih.gov/pubmed/22328147
http://www.ncbi.nlm.nih.gov/pubmed/15044658
http://dx.doi.org/10.1093/gerona/glt019
http://www.ncbi.nlm.nih.gov/pubmed/23525482
http://www.ncbi.nlm.nih.gov/pubmed/3056758

@’PLOS | ONE

Obesity Gene in Mexican Americans

66.

67.

68.

69.

70.

71.
72.

Administration Genetic Epidemiology Study (VAGES). Hum Hered 76: 36—46. doi: 10.1159/
000354849 PMID: 24060607

WHO (1999) Definition, Diagnosis and Classification of Diabetes Mellitus and its Complications. Report
of a WHO Consultation. Part 1: Diagnosis and Classification of Diabetes Mellitus.: World Health
Organization.

WHO (1999) Report of the Expert Committee on the Diagnosis and Classification of Diabetes Mellitus.
Diabetes Care 20: 1183-1197.

ADA (2003) Follow-up Report on the Diagnosis and Classification of Diabetes Mellitus. Diabetes Care
26:3160-3166. PMID: 14578255

Almasy L, Blangero J (1998) Multipoint quantitative-trait linkage analysis in general pedigrees. Am J
Hum Genet 62: 1198—-1211. PMID: 9545414

Benjamini Y, Drai D, Elmer G, Kafkafi N, Golani | (2001) Controlling the false discovery rate in behavior
genetics research. Behav Brain Res 125: 279-284. PMID: 11682119

gProfiler website http://biit.cs.ut.ee/gprofiler/ available 2014.

WEB-based GEne SeT AnaLysis Toolkit website http://bioinfo.vanderbilt.edu/webgestalt/ available
2014.

PLOS ONE | DOI:10.1371/journal.pone.0119941

April 1,2015 26/26


http://dx.doi.org/10.1159/000354849
http://dx.doi.org/10.1159/000354849
http://www.ncbi.nlm.nih.gov/pubmed/24060607
http://www.ncbi.nlm.nih.gov/pubmed/14578255
http://www.ncbi.nlm.nih.gov/pubmed/9545414
http://www.ncbi.nlm.nih.gov/pubmed/11682119
http://biit.cs.ut.ee/gprofiler/
http://bioinfo.vanderbilt.edu/webgestalt/


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


